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tion model (B) in identifying grassland plants captured in the
field
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An Artificial Intelligence Model for Identifying Grassland
Plants in Northern China
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Abstract A large number of software applications for plant identification based on plant images have been developed in
recent years. However, those applications are mostly used for identifying the common species countrywide, and thus
cannot meet the needs of identifying region-specific vegetation types. In this study, we developed an artificial intelligence
model for identifying the dominant plants in Hulunbeier and Xilinhot grassland in Inner Mongolia, based on the image
datasets in the Plant Photo Bank of China. The Top5 accuracy of this model reaches 94.6% in the actual field identifica-
tion tests. Our model provides a new method for the intelligent identification of the major plant species in a specific area.

Key words grassland plants, artificial intelligence, image recognition, Hulunbeier, Xilinhot
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Appendix table 1 The list of key grassland plants in Northern China
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Appendix table 2 The number of test species and their images
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Appendix table 3 The results of 216 species grassland plants intelligent recognition model and 15K intelligent recogni-
tion model in identifying grassland plants captured in the field
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