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[ Abstract] Histopathology data of toxicology studies during nonclinical safety evaluation of drugs are critical
during the drug discovery and development process that is necessary for regulatory bodies to assess drug-related tox-
icity in laboratory animals and its impact on human safety in clinical trials. Artificial intelligence ( AI) has been
widely used in clinical medical practice with progress in the whole slide image ( WSI) , digital pathology and algo-
rithms. However, the progress of machine learning ( ML) -in particular, deep learning ( DL)-has been rather slow
in toxicologic pathology of nonclinical toxicology studies. This paper briefly reviews the role of toxicologic pathology
in drug discovery and development, overview of Al and approaches of DL, applications of approaches of DL in toxico-
logic pathology, as well as the challenges in implementation of approaches of DL in toxicologic pathology, in order

to provide reference for implementation of approaches of DL in toxicologic pathology for toxicology studies during

[E2TH] FEAR®H &G EHLREFHF KARME(2021X2)
[EEBRAMN] kW, & AH, T 2NELHHEG AT AR TN T4, E-mail:1374390958@ qq. com, £ B H — 44 :H% L, B, M+, £ 8K
FHHAE ARG AR PN ERBEESE T4, E-mail:zyan-1@ innostar. cn,

[BRMEE] #E, LB, HER;ZZRFEHEGRTABIFENFLHBEF LW T4, E-mail:linzhi@ nifdc. org. cn, 8 &£, 5 , ¥+,
EAEHT, T BAF LY G RE AR FN B EF LB T4, E-mail: jianjunlv@ hotmail. com,

2147 @7
PEMDTE 2023 FH 32 EF 21 ‘



Chinese Journal of New Drugs 2023,32(21)

nonclinical safety evaluation of drugs in China.
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