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[ Abstract] Objective To understand the characteristics of healthcare utilization outcomes among residents, analyze
the influence of health literacy on these outcomes, and provide a reference for improving them. Methods From
October 2022 to April 2023, a stratified, multi-stage, random, and convenient sampling method was used to select 6 153
residents aged 15-69 years in Jiangsu province for a questionnaire survey. Latent class analysis and multi-factor
logistic regression were used to analyze the influencing factors of different categories of healthcare utilization outcomes.
Results The healthcare utilization outcomes of the surveyed population could be divided into two latent classes: a better
outcome group (83.1%) and a worse outcome group (16.9%). Statistically significant differences in healthcare utilization
outcomes were observed across different ages, genders, marital statuses, education levels, annual incomes, chronic
disease statuses, and health literacy levels (all P < 0.05). Multi-factor logistic regression analysis showed that compared
with those with high health literacy, aged 15-24 years, male, and without chronic diseases, the following groups had a
higher risk of being in the worse outcome group: those with low health literacy (OR = 1.306, 95%CI: 1.013—1.683); those
aged 25-34 years (OR = 1.620, 95%CI: 1.034-2.538), 45-54 years (OR = 1.938, 95%CI: 1.208-3.110), 55-64 years
(OR =2.501, 95%CI: 1.551-4.033), and 65-69 years (OR = 2.926, 95%CI: 1.703-5.027); females (OR = 1.402, 95%CI:
1.201-1.636); and those with chronic diseases (OR = 3.033, 95%CI: 2.612-3.523). Conclusions High health literacy has
a positive impact on residents’ healthcare utilization outcomes, and improving residents’ health literacy is of great
significance for improving these outcomes.

[ Keywords] health literacy; medical care; outcome; latent class analysis; influencing factors; Jiangsu province
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Table 1 Model fit indices of the latent class model for healthcare utilization outcomes
R Yo BUAUSR LA B0 B AICH BIC{H Entropy LMRT Pf& BLRT Pff Bl
1 —13 644.277 27 298.553 27 332.177 1.000
2 —12 781.207 25584.415 25 658.386 0.837 <0.001 <0.001 0.831/0.169
3 —12 738.466 25510.932 25 625.252 0.723 0.0411 <0.001 0.063/0.117/0.820
4 —12 715.646 25477.292 25 631.960 0.739 <0.001 <0.001 0.810/0.035/0.113/0.042
5 —12714.292 25 486.584 25 681.601 0.705 0.754 2 0.013/0.100/0.042/0.035/0.810
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Fig. 1 Conditional probability distribution of two latent
classes for healthcare utilization outcomes
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Table 2 Distribution of healthcare utilization outcomes among different characteristic groups

FFAE NH AR e Pfi
AR N H o E% BEMNE o E%
W5 167.672 <0.001
15~24 439 408 92.94 31 7.06
25~34 1676 1465 87.41 211 12.59
35~44 1425 1238 86.88 187 13.12
45~54 1372 1111 80.98 261 19.02
55~64 1018 740 72.67 278 27.31
65~69 223 153 68.61 70 31.39
il 12.304 <0.001
Stk 2937 2493 84.88 444 15.12
ik 3216 2622 81.53 594 18.47
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Table 2 Continued
REAE N B HRATS s Pl
AR NEL i H/% BIEHNEL i He/%
g RN 20.879 <0.001
CLE/F) & 5283 4345 82.24 938 17.76
oAt 870 770 88.51 100 11.49
SCALRRRE 59.648 <0.001
NERELT 568 406 71.48 162 28.52
LY 2083 1699 81.57 384 18.43
/iR e/ 1477 1251 84.70 226 15.30
PN 1035 897 86.67 138 13.33
AR L 990 862 87.07 128 12.93
RN ON 43.059 <0.001
<40 000 2734 2177 79.63 557 20.37
>40 000 3419 2938 85.93 481 14.07
e IR 343.223 <0.001
2 1910 1336 69.95 574 30.05
i 4243 3779 89.06 464 10.94
R TR 45.179 <0.001
ISk 1992 1564 78.51 428 21.49
AP 3166 2 682 84.71 484 15.29
7K 995 869 87.34 126 12.66
F 3 B RL RIFERNNZ FF logistic BT 5 H7
Table 3 Multivariate logistic regression analysis of latent classes of healthcare utilization related outcomes
ESES LERH Z A B S+ Wald {4 P ORMH 95%CI
R TR K 7K 0.267 0.129 4256 0.039 1.306 1.013~1.683
5K 0.148 0.113 1.715 0.190 1.160 0.929~1.449
E Y 65~69 15~24 1.074 0.276 15.122 0.000 2.926 1.703~5.027
55~64 0.917 0.244 14.143 0.000 2.501 1.551~4.033
45~54 0.662 0.241 7.529 0.006 1.938 1.208~3.110
35~44 0.443 0.239 3.448 0.063 1.558 0.976~2.486
25~34 0.483 0.229 4.442 0.035 1.620 1.034~2.538
PR ik Stk 0.338 0.079 18.347 0.000 1.402 1.201~1.636
Fe T B8 & & 1.110 0.076 211.677 0.000 3.033 2.612~3.523
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