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A review study on the application of knowledge graphs
in the field of intelligent manufacturing

XIN Chunhua, WU Yanan, WANG Lixuan

(School of Management, China University of Mining and Technology, Beijing 100083, China)

Abstract: To thoroughly explore the extensive applications and prospects of knowledge graphs in the
domain of intelligent manufacturing, aiming to support the sustained development of the
manufacturing industry, the domain of intelligent manufacturing has been categorized into four
dimensions: vertical industry applications, manufacturing process applications, domain graph
construction technology, and intelligent services. Through this study, the significance of knowledge
graphs in driving the evolution of intelligent manufacturing is reviewed. Furthermore, a framework
for an intelligent manufacturing knowledge graph, rooted in manufacturing domain knowledge data,
is proposed. This framework encompasses three key modules: manufacturing domain data, graph
construction, and intelligent services, providing theoretical support for the continuous upgrading of
intelligent manufacturing. Research findings emphasize the crucial role of knowledge graphs in
advancing the intelligence of the manufacturing industry and the broad potential of knowledge graphs
in the field of intelligent manufacturing. Additionally, an outlook on future research directions for
knowledge graphs in the domain of intelligent manufacturing is suggested, with a focus on exploring
the integration of domain graphs with next-generation artificial intelligence technologies to propel the
continuous innovation and intelligent evolution of manufacturing.
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Fig.2 Knowledge graph architecture in intelligent manufacturing
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