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Abstract;  To enhance the intelligent system “s understanding of individual driving behavior under
human-machine interaction driving circumstances, an en-route driving style recognition method based on
LDA model was proposed. The method explored vehicle trajectory information from multi-dimensions to
quickly extract and identify latent driving style features of drivers. Firstly, the semantic understanding
rules of driving behavior were established to discretize continuous trajectory data into semantic vocabularies

of driving behavior, considering the scene perception layer, pattern layer, operation layer and vehicle
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status layer. Secondly, according to topic perplexity and consistency, habitual driving styles were

classified into four categories: stable, conservative, moderate and aggressive. Finally, each driver’s en-

route driving style was identified as a probabilistic combination of the aforementioned driving styles. The

results show that the proposed en-route driving style recognition method considers drivers” heterogeneity

and explains the phenomenon of the same driver exhibiting different driving styles in varying driving

environments. Additionally, this research improves the comprehensiveness and comprehensibility of en-

route driving style recognition.
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Fig.1 Driving style identification process

1.1 BRTHIEXISE

DR B BRIV RS SR o R R A Sk B B A A
MESHUR L B e 5 , 57 25 B A7 D i SO
053 T g Ik e s 5 Ak B T B B B AT
VB SCIANLE fife DAt 5 P 500 M LA S 2 I 22 57
AR TR , 1] S A ok AHILAE HL 1Y) vl IR 7 B Al
LA ST R EONE R DR R AR A
24 AZH T RS2 SR AE A R R A



%510 11

TEWFAE  HE T LDA SRR RN 734 25 3 XA TR0 5 75

- 199 -

Jav , AR A R )l 414 7 5K, DA A

JRTEE L ML) 1T RO 2 17 A 7 5 5

FEOR L, R 2 B XS B2 R A B3 Ik, 51 RUZ BGEUR BRE RIS 2 S 30T R X
ATERRIRZSZ AT LA S 4 24 B B AOIE BE S o Sl &l BRI 2 o
————— Tonen | (o] (] [ ] ] ]
i A e[ ex ][ x| =5 ][ s ]
S5 BB
e | ey | || o | | mme |
5= T T : :
N -;T:- 0 pamE | g || mmsar |
i - ey | | Bt [imm] [wamm | [
5 — B Do | [ mmomo | [ mmam |
« |
o - Uomamte | | Ewmz | [ amw |
= — -
i [Aﬁﬁgx woante | | mwwme | [ awma |
e
& (] LR R
O SR e [ w2 || wam || aae || wam |
E2 BITHIEER

Fig.2 Semantic understanding of driving behavior
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Fig.3 Surrounding vehicles of scene perception layer
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