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Construction of rail transit emergency early warning perception system
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Abstract: In order to reduce the pedestrian safety problems caused by the lag of the emergency warning
system in urban rail transit stations under large passenger flow conditions, the YOLOvS algorithm was
selected to predict passenger flow information. The artificial neural network ( ANN) model was used to

construct the urban rail transit emergency warning perception system. Firstly, the YOLOvS algorithm was

* SCHYHS:1003-3033(2024)09-0225-09; Wk H #1.2024-03-10; &5 H #1.2024-06-13



SL IO S I
- 226 - China  Safety

Science  Journal

improved by optimizing the model training hyperparameters and prior frame parameters. Then, the
emergency warning perception system was designed by selecting warning indicators, weight analysis and
threshold definition. Finally, the self-organizing competitive network emergency warning model based on
ANN was constructed by using Matlab software. The data collected by the optimized YOLOvS algorithm
were substituted into the emergency warning perception system through calculation, and the emergency
warning perception system was verified by experiments. The results show that the optimized YOLOvS5
algorithm can improve the accuracy of pedestrian target monitoring under large passenger flow conditions of
urban rail transit by 7. 04%. The judgment results obtained by substituting the pedestrian data collected by
the optimized YOLOvS algorithm into the constructed emergency warning perception system are consistent

with the actual warning level, which proves the feasibility and effectiveness of the system and helps to
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improve the emergency warning level of urban rail transit.
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system; target monitoring;
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