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Model of pavement pothole target detection with improved YOLOvS5s

ZHAOQ Jiangping, WANG Xinran, WU Lizhou
(School of Resources Engineering, Xi‘an University of Architecture and Technology,

Xi‘an Shaanxi 710055, China)

Abstract: To improve the detection efficiency and automation level of detecting road surface pits and
grooves in road safety inspection work, reduce the probability of traffic accidents. A road surface pit and
groove hazard intelligent detection model based on an improved YOLOvSs was proposed. This method
incorporated the ASFF module into the original YOLOvSs network, replaced the backbone network with the
FasterNet network, and further introduced the Efficient Channel Attention ( ECA) module. Ablation
experiments are conducted to analyze the effect of the improved module on performance of the detection
model, to verify the target detection effect, and to develop an interactive visualized detection interface.
The results show that the improved model accuracy, recall rate, and average detection accuracy have
increased by 4. 1%, 9. 9% and 5. 6% respectively. Compared to the original network, the improvement is
significant. It demonstrats good detection performance that meets the application requirements for
automated detection of road surface pits and grooves, thereby enhancing inspection efficiency and
effectively reducing traffic accidents caused by road surface pits and grooves.
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