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Abstract; In order to effectively provide early warning of the occurrence trend or state of prefabricated
building workers * unsafe behaviors ( PBWUBs) of working at height, and to enhance the control of
PBWUBs, RF-SFLA-SVM model was proposed to conduct an early warning study on workers ”~ unsafe
behaviors. Firstly, the SHEL ( Software-Hardware-Environment-Liveware) model was used to analyze the

factors influencing the unsafe behaviors of prefabricated building workers in danger of working at height.
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RF was used to determine the key warning indicators. Then SFLA was used to find the best parameters for

SVM. Finally, the RF-SFLA-SVM model was used to predict and warn about the unsafe behavioral state of

the prefabricated building workers working at height, and its performance was compared with other warning
models. The results show that the RF-SFLA-SVM-based warning accuracy of PBWUBs of working at height

was the highest, 91.67%, which was a maximum improvement of 14% compared with the warning

performance of other models. The research results can give a reference for the control and prevention of

PBWUBs working at height.
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