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Application of computational biology in pharmaceutical research
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Abstract: Computational biology is a branch of biology that develops and applies data analysis and
theoretical methods, mathematical modeling, and computer simulation techniques for the study of biological,
behavioral, and social group systems. In recent years, computational biology has received increasing attention,
mainly because high-throughput technologies have greatly improved the ability to generate data. The generation of
massive computational data drives the increasing computing power of devices, and the complexity and
heterogeneity of data also require more systematic analysis methods, which jointly promote the development of
computational biology. With the development of the era of big data, the data of biological research and experiments
has increased exponentially. A single observation and experiment can no longer support high-complexity data, and
computational biology has become an important and powerful tool for drug research. At present, computational
biology has been applied in many fields, such as peptide synthesis and small molecule design, virtual screening,
protein structure and protein interaction prediction, database construction, bioactive substance prediction and drug
release monitoring, so as to provide assistance for multiple drug research processes such as drug target prediction,
drug design, drug screening and drug clinical application. Computational biology has become a more time- and
labor-saving "arm" than traditional drug research tools, and at the same time, the demand for drug research and

development continues to promote the development of computational biology. The two complement each other and
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develop together, and computational biology has become an integral part of drug research.
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HN AT RS RE A SR E ST R,

THRAEY R - DMERER 2R, a7 &
Y R BUR A IR S 2 B R, R A
Mo PR AR AR R G AT N FEAR, A B Ak
e IR TE, T A AR SR N ST 5T S 2% 1
VR G R Hr K 8 A% R A% AT PR 2
W, THE AW A A BRI RORS HE R B R
I TR A EA 25 B AR T 0T RAULEE N B 2
Ji R SR . IR FR, ALFIBLES % T £
RIS KNt — B Lt it A 2 B R R, 1
TR A Bt 1) A 5 AR 24590 R LA 7 T RN
SR L PNRIE RN = 2 1t 5 S AR AL

THEAEW) B R R R SR 2B 5 B T A7 1 1t
A ARG AR B M AE BRI TR R

Jilay, HREFER, AR R K RS E BA 2 H
AL, 7 PR RE T AN S B R GNERE T, XY
TRV AR R RN R T F 2 Bk tHRAEMFEN
B L SN RS R ST WNIAE SR N2 A
R ENIR A2 AR S, ST 0
Hep @ RAIER A A, OF R & AR IR A L 5
R, AT EE 4 3t M 25 W 9 R RN 2 i B AT O
QRO IWNIAE i I R s e e st/
8 3 B — A S KT BBk . BRI Ab, D sEEL
FEHELE 2 Hbp, AR TSR 2 Ay st N B2 25T TP
G R YR BB . H A R A
W AR SR, AN R SR KM 1 B o3 P L A
FEAS B0 B8 R S8 4 A k. BRI, A B Ag
(125 A 2 i RBUR A A 20808 20 M7 (K0 9 7 i Wi A 1
H AT TSR S B (= g gh i e — . tF R
{1 % 2 D 24 S AT R AR R e S it T — AN i
Hoo Man A SEALVED) 23X — 5 R TR, WA
KANERAL, & T IE AWHIRIZN ]

YEBTUEK: PV TR SR, T AT T
WA RMF RS, A FRBET TIESERTT, i e
B T TR I TR R TIRE .

FIEMIE: TR 2RI
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