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Construction and validation of a prognostic model for breast cancer

in disulfidptosis related genes
LIU Hao —ran, DONG Yu - ging, WANG Ping —yu
School of Public Health, Binzhou Medical College, Yantai, Shandong 264003, China
Abstract : Objective To explore the association between disulfidptosis related genes ( DRGs) and the prognosis of breast
cancer patients and establish a risk prognosis model and verify it, and provide new biomarkers for the prognosis of breast cancer
patients. Methods CNV landscape was drawnin R language. DRGs of co — correlations and differences were identified. The
risk score prognostic model was constructed by using univariate Cox regression analysis and Lasso — Cox regression analysis.
Kaplan — Meier survival curve, ROC curve and calibration curve for the model was drawn. A nomogram prognostic prediction
model was constructed by combining the clinical features. Results

of 8 DRGs was constructed, and AUC of the ROC curve at 1,3, and 5 years was 0. 809,0. 848 ,0. 883. DCA showed that the

model could better predict breast cancer prognosis. Conclusion This research department has constructed a risk score model

A risk prognostic model of breast cancer patients composed

with 8 DRGs, which has a good prognostic value and can provide a new direction for the study of breast cancer prognosis.
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Multivariate cox regression to the forest plot
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