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Table 2 Evaluation indicators and descriptions
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Table 3 Comparative results of evaluation indicators for application effectiveness of different equipment control models
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Table 8 Evaluation of indicators for various types of
equipment fault detection by model
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Table 7 Changes of key evaluation indicators of

equipment control inferred by model
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Table 9 Empirical research results
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Intelligent Control and Fault Detection Method for Hydrometallurgical

Equipment Based on Real-time Machine Learning Algorithms

ZHAO Zheng

(Department of Computer Science and Ap plications , Pingdingshan Vocational and Technical College ,

Pingdingshan

467000, China)

Abstract: Aiming at the problems such as relatively simple control and intelligent detection model of

hydrometallurgical equipment and weak generalization ability, an algorithm model for intelligent

control and fault detection of hydrometallurgical equipment based on deep learning was proposed.

Firstly, SAC deep reinforcement learning algorithm was used to perform intelligent control of

hydrometallurgical equipment. The improved ARIMA algorithm is used to detect the fault of the

equipment. In order to further improve the real-time performance of the algorithm, LoRA fine-tuning

network is introduced to fine-tune and accelerate the model with low parameters, and LoRA fine-

tuning network to fine-tune and accelerate the model with low parameters. The accuracy of the model

is 93. 24 % and the accuracy of fault detection is 91. 34 %. The practical application effect is good.
Key words: real-time machine learning; SAC; ARIMA; LoRA





