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Fig.2 Principle of maximum gold leaching rate model
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Design and Research of Hydrometallurgical Resource Recovery Efficiency

Improvement Method Based on Deep Learning Algorithm
SONG Yu’an,ZHAO Wei

(School of Materials and Engineering , Jiyuan Vocational and Technical College,Jiyuan 459000,China)

Abstract:In order to further improve the recovery rate of hydrometallurgical resources and solve the
problem that the intelligent and automatic control degree of resource recovery process control is not
high,a hydrometallurgical process control method is proposed, which uses Transformer model to
predict metal leaching rate and then uses Distributional Q-function to improve DQN model to maximize
gold leaching rate. The results show that the system control method can effectively improve the
prediction accuracy of metal leaching rate in hydrometallurgy process. Improving the DQN model
based on Distributional Q-function can effectively reduce the iterative calculation time of the model
with maximum resource recovery rate. The method can effectively improve the recovery rate of
hydrometallurgical resources in a certain plant.

Key words: Transformer model; optimization; Distributional Q-function; DQN model;resource recovery





