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Design and Numerical Simulation of a Deep Learning-Based Model for Wet Metallurgical

Parameter Prediction and Optimization

LIU Chunyan,JIA Jingpu

(Computer Application Department ,Shijiazhuang Information Engineering Vocational College ,
Shijiazhuang 052161,China)

Abstract: Aiming at the issues of low computational efficiency and insufficient intelligence in predicting

hydrometallurgical process parameters,a process optimization control model that utilizes 1D-CNN for

predicting copper ion concentration and Seq2Seq for predicting mass transfer rate,with the objective of

maximizing economic benefits was proposed. The optimization problem is solved using the DDPG

algorithm. The results of numerical simulation and empirical study show that the model can predict the

parameters of copper extraction process with high accuracy, realize the effective optimization and

adjustment of parameters,and promote the improvement of economic benefits.

Key words: copper;extraction; hydrometallurgy ; DDPG ; 1D-CNN; Seq2Seq; numerical simulation





