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Fig. 3 Change curve of model training loss
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Fig. 5 Calculation process of calculating water
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Fig. 6 Identification results of water gauge
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Tab.1 Evaluation of water level identification results of

Minghai sluice back station
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Water Level Identification Method of Rivers and Lakes Based on Mask RCNN

XU Zhi' . GAO Kai*,GAO Xi-chao®, LIANG Li-li', YI Pan®
(1. Science and Technology Research Inst. , China Three Gorges Corporation, Beijing 100038, China;
2. China Institute of Water Resources and Hydropower Research, Beijing 100038, Chinaj;
3. Beijing Hydrology Center, Beijing 100089, China)
Abstract: With the development of deep learning and image recognition technology, monitoring the water level of ur-
ban rivers and lakes through video has become a hot research topic in recent years. In order to realize the comprehensive-
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ness of urban river and lake water level monitoring, a method of river and lake water level identification based on Mask
RCNN was proposed. The water level was obtained by the water level characters and their position relations in the video
images, and it was verified by the monitoring video of the real water level station in Dongying City, Shandong Province.
The results show that the probability that the comparison error between the water level identification result and the meas-
ured data was less than 2 em was 68. 5%, the probability of error less than 3 cm is 76. 9%, the probability of error less
than 5 cm is 93. 5%, the average error is 2. 1 cm, and the root mean square error (RMSE) is 3.0 cm, which meets the
recognition accuracy requirements of video water gauge level in Technical Outline of Digital Twin Watershed Construction
(Trial). Therefore, the model has a good recognition effect and a certain application prospect.
Key words: water level identification; image recognition; deep learning; Mask RCNN
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Influence of Structure and Interval Variation on Hydraulic

Characteristics of Vertical Slot Fishway
LV Yang-yang', YANG Lu-hua' . WANG Fan®, WANG Xu'
(1. College of Hydraulic Engineering. Tianjin Agricultural College, Tianjin 300384, China;
2. Zhongshui North Survey. Design and Research Co. LTD. , Tianjin 300222, China)

Abstract: The structure of fishway is the major factor that fish migrates successfully. The impact of pier head struc-
ture and horizontal interval of baffles on the hydraulic characteristics of a vertical slot fishway pool were researched.
Twelve different working conditions were composed of two factors, namely, the diversion angle of pier head and the rela-
tive position of baffles. The RNG k-e turbulence model was used to simulate the hydraulic characteristics of fishway. The
results indicate that the influence of pier head structure on hydraulic characteristics is mainly reflected on velocity and tur-
bulent energy. and the smaller the diversion Angle, the smaller the velocity and turbulent energy are. The distance be-
tween flow deflector and baffler plate changed the mainstream flow pattern and area size, and then affected the distribu-
tion of flow velocity. When the relative position of b,/L =0. 15 or so, the flow pattern in the pool was reasonable, which
met the basic requirements of fish migration.

Key words: vertical slot fishway; pier head; interval; numerical simulation; hydraulic characteristics





