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Fig. 1 Rainfall, water level and temperature of measurement point
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Fig. 2 Prediction curves and residual values of

measurement points
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Analysis of Causes of Waterlogging Based on Real-time Monitoring Data
YANG Tong-xin'™'"",SHEN Di'"""*, LI Youming'*,LONG Yan'"'"",WU Haixia'™" ,KANG Ai-qing®

(la. School of Water Conservancy and Hydroelectric Power; 1b. Hebei Key Laboratory of Intelligent Water Conservancy
Hebei University of Engineering, Handan 056038, China; 2. BGI Engineering Consultants LTD. , Beijing
100038, China; 3. China Institute of Water Resources and Hydropower Research, Beijing 100038, China)

Abstract: In order to explore the causes of urban waterlogging, taking Guangzhou as an example, a drainage model
was established based on SWMM. A waterlogging cause analysis method based on real-time monitoring data was pro-
posed. Combining with the real-time monitoring data, the water-collecting capacity of water-logging points, the flow ca-
pacity of pipeline and the runoff generated by rainstorm were calculated. At the same time, the corresponding waterlog-
ging measures were given according to different waterlogging causes. The results show that 75% of waterlogging cases
involved insufficient surface drainage capacity, 57. 7% of waterlogging cases involved watercourse top support, and
44, 2% of waterlogging cases involved excessive rainfall intensity and insufficient pipe drainage capacity.

Key words: waterlogging; drainage model; analysis of causes of waterlogging; measures
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Research on Seepage Prediction of Earth and Rockfill Dams Based on PSO-BP Model
HU Meng-fan,OU Bin,ZHANG Cai-yi, WANG Chun-hua,FU Shu-yan
(School of Water Conservancy, Yunnan Agricultural University, Kunming 650201, China)

Abstract: Aiming at the shortcomings of slow convergence and easily falling into the local minimum in the learning
process for the traditional BP neural network, particle swarm algorithm with fast convergence speed and strong global op-
timization ability was introduced so as to establish the PSO-BP model. Taking the seepage monitoring data of an earth
and rockfill dam as an example, the seepage was predicted. Compared with the prediction model, the BP model and the
traditional statistical regression model, the results show that the PSO-BP model has a higher goodness-of-fit and conver-
gence,

Key words: carth and rockfill dam; seepage prediction; BP neural network; particle swarm algorithm





