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Fig. 2 Daily runoff of Lanzhou Hydrometric Station
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Responses of Growing Period NDVI (G-NDVID) to Meteorological Factors

Spatio-temporal Variations in Lhasa River Basin

ZHANG Yang,ZHANG Run-run,GUO Ming-chen, WANG Zhao
(College of Hydrology and Water Resources, Hohai University, Nanjing 210098, China)

Abstract: The Lhasa River Basin is a typical arid and semi-arid basin in the Qinghai-Tibet Plateau, where the ecosys-
tem is extremely fragile. It is of great significance to study the spatio-temporal variation of vegetation index (NDVD) in
response to the changes of meteorological factors, and to explore the adaptability of vegetation on the Qinghai-Tibet Plat-
eau to the meteorological factors under the background of climate change. Based on the monthly NDVI, precipitation
(P), and average temperature (T) time series dataset in the Lhasa River Basin from 1982 to 2017, using Pettitt, Mann-
Kendall trend test and Pearson correlation analysis, this paper analyzed the spatio-temporal variation characteristics of
growing period NDVI (G-NDVD and meteorological factors. and identified responses patterns of G-NDVI to climate fac-
tors. The results show that the G-NDVTI changed abruptly in 1997, and there was a trend shift from increasing to decrea-
sing. The climate of the watershed changed from “wetting-colding” before the abrupt point to “drying-warming” after the
abrupt point, and its effect on vegetation growth changed from promoting to inhibiting. There are two zones in the water-
shed where the responses patterns of G-NDVI to meteorological factors changed before and after the abrupt point. In the
western permafrost areas, G-NDVTI shows significant correlation with P and T in the second phase after 1997, i.e. , e-
merging the “responding” function on meteorological factors variation. In the southern seasonal frozen zone. after the ab-
rupt point, time lags of G-NDVI to P were elongated, and meanwhile the “responding” of G-NDVI to T has been trig-
gered. The latency of NDVI response to P in the western permafrost region is longer than that in the southern seasonal
frozen zone. In the second phase after 1997, the response area of NDVTI to meteorological factors increased compared with
that before the abrupt point, and the effect of meteorological factors on vegetation growth in the Lhasa River basin was
enhanced.

Key words: NDVI; climate change; lag time; spatio-temporal dynamics; Lhasa River Basin
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Daily Runoff Prediction of Lanzhou Hydrological Station in Yellow River

Basin Based on EMD Decomposition
LU Wei', WEI Lin-jing"
(a. College of Science; b. College of Information Science and Technology.,
Gansu Agricultural University, Lanzhou 730030, China)

Abstract: In order to improve the accuracy of runoff prediction. based on the control variable method and the daily
runoff data of Lanzhou hydrometric station from August 2001 to December 2019, the models of the LSTM, ARIMA,
SVR and XGBoost were used to establish 12 model schemes, including single model, EMD decomposition and reconstruc-
tion, EMD decomposition and reconstruction after removing noise components, and evaluation indicators of the 12
schemes were compared. The results show that the EMD sequence decomposition and reconstruction technology and noise
component elimination based on Hurst exponent are helpful to improve the prediction accuracy. Compared with the single
model, the Ryyus: of the model constructed by the former decreased by 15. 16 % on average, and that of the latter de-
creased by 28.49% on average. Among the 12 schemes, EMD-SVR-ARIMA with noise components removed is the best
model.

Key words: daily runoff forecasting; EMD decomposition; Lanzhou hydrological station; machine learning model

2 LA COACOACACACOA LA LA COA LA A LA LA LA LA LA LA LA COA LA LA LA LA LA COACOA LA LA LA LA LA COA LA LA COA LA LA LA LA LA LA LA LA LA LA LA
S KL
(3% 34 )

Effects of Different Layout Forms of Rigid Vegetation Groups on Hydraulic

Characteristics of Continuous Bends
ZHANG Chao-yu' sSUN Xue-lan',JI Zi-qing” s DUAN Jing-jing'
(1. College of Water Resources Science and Engineering, Taiyuan University of Technology. Taiyuan 030024 ,China;
2. State Key Laboratory of Hydraulic Engineering Simulation and Safety, Tianjin University, Tianjin 300072, China)

Abstract: In order to understand the impact of vegetation groups on the hydraulic characteristics of natural meander-
ing river, this paper designed two kinds of layout forms in which the cluster layout simulated the natural cluster vegeta-
tion group, and the uniform layout simulated the artificial regular planting vegetation group. Through the flume experi-
ment, the impact of different layout forms of vegetation on the distribution of flow field, hydrodynamic axis, turbulent
kinetic energy and transverse circulation structure in continuous bends was explored. The results show that the flow field
in the bend appears obvious velocity partition in which the high velocity area is close to the convex bank, and the low ve-
locity area is attached to the concave bank. Vegetation layout makes the distribution range of high and low flow rate areas
have the opposite change rule: the high flow rate area increases, while the low flow rate area decreases. Under the action
of the bend, the hydrodynamic axis ‘gradually swings to the convex bank on the upstream side of the bend top, close to
the convex bank near the bend top and swings to the concave bank on the downstream side of the bend top, completing a
cycle of motion changes. Vegetation layout makes it swing to the middle of the flume and the deviation degree of cluster
layout is greater than that of uniform layout. Under the action of the bend. the distribution of turbulent kinetic energy of
water flow is small on both sides and large in the middle. On the whole. the layout of vegetation increases the turbulent
kinetic energy on the downstream side of the bent top, and the impact of cluster layout is greater than the uniform. The
vegetation layout changes the circulation structure of the section, which is manifested by the swing of the vortex core po-
sition and the change of the distribution range.

Key words: continuous bends; rigid vegetation; flow field; hydrodynamic axis; turbulent kinetic energy; circulating
current





