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Fig.1 Single hidden layer BP neural network structure
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Fig. 4 Prediction results of various models with different

input factors during the validation period
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Attribution Analysis of Runoff Variation Based on WA-BP Coupling Model

LIU Yu',ZHAO Jun"?*,WANG Guo-qing” , XU Jin-chao'? ,SHAO Yue-hong'
(1. School of Hydrology and Water Resources, Nanjing University of Information Science & Technology,
Nanjing 210044, China; 2. Nanjing Hydraulic Research Institute. Nanjing 210029, China)

Abstract: To study the trend of runoff evolution under the influence of climate change and human activities, the Qin-
huai River Basin was taken as the research area based on the hydrometeorological data of representative stations. Firstly,
the Mann-Kendall method was used to study the variation trend of hydrometeorological elements in the basin. Secondly,
the abrupt change points of the runoff series were discussed by orderly cluster method and double cumulative curve meth-
od. Thirdly, the key factors affecting runoff were screened from numerous hydrometeorological factors, and the Wavelet
Analysis-BP neural network coupling model was established to predict the runoff. Finally, attribution analysis method
was used to identify contribution of climate change and human activities to the runoff variation. The results show that the
rainfall of the Xinhe river sluice presents a downward trend, while the Wudingmen sluice and the whole basin show an up-
ward trend. but none of the trends were significant. The runoff of the basin shows an upward trend, and the increase
trend of Xinhe river sluice is not significant, both the Wudingmen sluice and the whole basin increase trend pass the test
of 0. 01 confidence level, and the annual evaporation tends to decrease. There is a great consistency between the Wuding-
men sluice and the whole basin in the variation trend of rainfall, runoff, and the time of abrupt change point. The contri-
bution rates of human activities and climate change to runoff increase were 73. 92% and 26. 08% , respectively, the human
activities were an important factor that led to the runoff variation. The conclusion provides a scientific basis for flood and
drought prevention and water resources planning in this basin.

Key words: Mann-Kendall trend test;orderly cluster analysis; discrete wavelet transform; BP neural network; contri-
bution analysis
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Runoff Prediction and Comparative Study by Combining ICEEMDAN and

Multiple Intelligent Optimization Algorithms
MAO Qin-nan’, LIU Zhao™*, LI Jie"”, WANG Shu-min”", ZHANG Ting—hao“'b
(a. School of Water and Environment; b. Key Laboratory of Subsurface Hydrology and Ecological
Effects in Arid Region of Ministry of Education; c. Institute of Water and development, Chang’an
University, Xi’an 710054, China)

Abstract: In order to improve the accuracy and reliability of runoff prediction, the advantages of EMD in dealing with
non-stationary time series are introduced, and a BP neural network prediction model based improved adaptive noise com-
plete set empirical mode decomposition (ICEEMDAN) and whale algorithm (WOA) optimization is established. Taking
the inflow runoff prediction of Jinpen Reservoir in Heihe, Shaanxi Province as an example, a simulation model based on
multiple intelligent optimization algorithms is established to predict the inflow runoff of the reservoir. At the same time,
historical data of different time series, such as precipitation and runoff, are selected as input factors to compare the pre-
diction ability and results of BP, WOA-BP, ICEEMDAN-BP and ICEEMDAN-WOA-BP models under the same input
factor conditions. The results show that as far as the input sequence is concerned. the prediction effect of the model with
precipitation as the input factor is better than that of the model with runoff as the input factor; For different algorithms,
ICEEMDAN-WOA-BP model has good stability, Nash coefficient can reach 80%-90%, and the prediction accuracy is
higher. The proposed ICEEMDAN-WOA-BP model can provide technical support for river runoff prediction, reservoir
hydrological prediction and watershed water resources management.

Key words: runoff prediction; ICEEMDAN; whale optimization algorithm; BP neural network





