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[ Abstract |

For the problems of dense targets, severe edge occlusion, and blurred foreground and back-

ground that intelligent vehicles face in actual traffic environments, a lightweight object detection algorithm based on

image saliency feature fusion is proposed in this paper. Firstly, salient feature maps are extracted based on gray-

scale images, and input into convolutional neural networks with color images. Secondly, a lightweight fusion net-

work is constructed using the Ghost Model, and the EloU is used to optimize the model’s border localization loss. In

order to enhance the detection accuracy of similar occluded targets, non-maximum suppression algorithm is im-

proved on the backend of the network. Finally, the KITTI dataset is used for training and testing. The experiment

shows that the improved detection mAP value of the network reaches 92.7%, with an average accuracy improvement

of 3.8% compared to the original network YOLOvS. The accuracy and recall rates are increased by 3% and 6.2%.
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