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A Comprehensive Review of Automotive NVH Performance

Optimization Methods Based on Artificial Intelligence Algorithms
Gao Ying
(Gcobal R&D Center, China FAW Corporation Limited, Changchun 130013)

[Abstract] The Noise Vibration Harshness (NVH) performance of vehicles is one of the key indicators of overall
vehicle qualities. To enhance ride comfort and meet increasingly stringent NVH requirements, this paper reviews the
application of Artificial Intelligence (AI) algorithms in NVH optimization, both domestically and internationally. It analyzes
feasible approaches for improving NVH performance using Al-based methods and discusses future trends and challenges in

Al-driven NVH optimization. The study aims to provide valuable insights for leveraging intelligent algorithms to address

automotive performance enhancement.
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