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[ Abstract] Driving style recognition plays a crucial role in enhancing personalized driving experiences and optimizing
energy utilization in smart connected vehicles. Considering the relationship between different road environments and driving
styles, a cascade delivery framework is designed to fully utilize real-world natural driving data and segment the data into
events with distinct physical meanings. Using driver IDs as pseudo-labels, an XGBoost model learns differences in driving
styles, identifying the key features and weights critical for recognition. Following the principles of a hybrid expert system, the
WK-means algorithm clusters driving styles under varying conditions, ultimately generating driving scores to evaluate driver
performance. The statistical analysis of the clustered data shows that this method effectively recognizes drivers with diverse
driving styles, which lays the foundation for the further development of intelligent networked vehicle technology.
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