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Analysis of the Research Status of Multi—Sensor Fusion Unmanned
SLAM

Zeng Guiping, Tang Yang
(School of Mechanical Engineering, Southwest Jiaotong University, Chengdu 610031)

[Abstract] The technology of Simultaneous Localization And Mapping(SLAM )is the hot and difficult point of current
research. It is one of the key technologies to realize unmanned driving. The paper introduction is centered on the principle,
basic structure, sensors used and map types of SLAM and analyzes the advantages, disadvantages and scope of application
of various fusion methods. Secondly, according to the different fusion methods used, it introduces the current status of
research at home and abroad, and points out its worthwhile affirmation and continuation of the technology as well as
shortcomings. Finally, it summarizes the current problems of multi-sensor fusion unmanned SLAM research, analyzes the
research difficulties and puts forward suggestions on the possible development direction of future research, with the aim of
providing references for the development of unmanned driving.
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