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[Abstract] Artificial intelligence (AI) models, with their strong generalization and multi—task learning capabilities,
have demonstrated extensive application potential in intelligent connected vehicles. This paper summarizes the challenges of
the application of Al models in driving automation, analyzes the technical route of driving automation models, and the
supporting platform technology of driving automation model development and validation, summarizes the application of
intelligent cockpit, and explores the method for constructing scenario generation models based on large language models.
From the perspectives of Al security and data governance, this paper summarizes the security governance practices
associated with the application directions for Al models, providing a reference for the safety assessment and management of
Al-related applications.
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