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A Review of Driving Risk Assessment for Intelligent Vehicles
Shen Chuanliang, Xiao Xiao, Tong Yan, Hu Hongyu
(State Key Laboratory of Automotive Simulation and Control, Jilin University, Changchun 130022)

[Abstract] The driving environment of intelligent vehicles often has high uncertainty and complexity, which can lead
to accidents and injuries to passengers. In order to improve the safety of intelligent vehicles, three major research methods
are currently used to evaluate driving risks, including deterministic methods, probabilistic methods, and machine learning
methods. Deterministic methods are traditional binary prediction methods, probabilistic methods can model various
uncertainty, and machine learning methods can automatically learn driving behavior, making more accurate assessments of
the risk of driving. Future research should combine the advantages of the three approaches to develop safer and more
reliable autonomous driving systems.
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