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Hybrid A* Algorithm Based Trajectory Generation for Automated
Driving Vehicle

Zhou Su"’, Wang Ruoyi', Zhang Youfa’, Zhang Gang'
(1.School of Automotive Studies, Tongji University, Shanghai 201804; 2. Sino—German College, Tongji University, Shanghai
201804)

[Abstract] The hybrid A* algorithm of automated driving vehicles runs quickly, but it is difficult to ensure the
continuity of curvature and comfort of vehicles, and can not guarantee the optimized results without collision. Aiming at the
above problems, this paper aims to improve the comfort of vehicles, and optimize A* algorithm based on minimum impact.
Algorithm pre—study in MATLAB and raster map is conducted to solve the problem of insufficient comfort during the
motion of automated driving vehicles in low—speed scenarios. Then, the optimization algorithm is improved to ensure the
safety of vehicles for the problem that the optimization algorithm may lead to trajectory collision, and the strategy of
automatic adjustment of the “corridor” is given. The simulation results show that the optimized trajectory is collision—free
and the curvature of the trajectory is smaller, and the acceleration does not exceed the normal range, which can meet the

normal driving requirements.
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driving
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