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[ Abstract] To address the issue of dynamic changes in data and limited aging data in the Remaining Useful Life (RUL)
prediction of lithium—ion batteries, this paper proposes the RUL prediction model of Attention Enhancement Uniformer
(AEUniformer) to realize comprehensive information perception by integrating the advantages of Convolutional Neural Network
(CNN) and Self-Attention Mechanism through Uniformer. Attention Guiding Mechanism (AGM) and CoordAttention are
designed to realize powerful feature extraction. Experimental results show that AEUniformer can achieve accurate and fast RUL
prediction with only a single aging cycle, and the MAPE prediction errors of the 2 datasets are 2.7% and 6.16%, respectively,
demonstrating the accuracy of the method.
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