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[Abstract] In order to improve the accuracy of predicting the Remaining Useful Life (RUL) of batteries, an intelligent

digital-analogue fusion method of Particle Swarm Optimization (PSO) optimized Extreme Learning Machine (ELM) combined
with Random Perturbation Untraceable Particle Filtering (RP-UPF) is used to predict the RUL of batteries BO005, BO006 and

B0018 based on fusion of the health indexes and the constructed battery capacity decline model. The research results show that

the proposed intelligent digital-analogue fusion method not only significantly improves the accuracy of battery RUL prediction,

but also maintains high prediction accuracy throughout the life cycle of the battery.
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