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[Abstract] This paper elaborated the overall framework of commercial vehicle fatigue early warning system, and
analyzed in details the research status of monitoring system, human machine interface and fatigue detection method. The
paper pointed out that the future monitoring system should have the ability of high stability, short delay and massive data
processing, and divided the warning into two levels, and defined the effective human—computer interaction respectively. The
paper then analyzed 4 categories of fatigue detection methods, and indicated that the fatigue detection method based on
multi—feature information fusion will be the main research direction in the future. The paper finally revealed the difficulties
of the current research, and prospected research of the commercial vehicle fatigue warning system from 3 aspects, i.e.

obtaining more driver information, extracting more fatigue features, and reducing the dependence on specific fatigue features.
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