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Dynamic Attention Trajectory Prediction Integrating Driving Intention
and Goal
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(School of Electromechanical Engineering, Guilin University of Electronic Technology, Guilin 541010)

[Abstract] To address the problem that existing trajectory prediction models lack explicit modeling of driving intention
and thus struggle to accurately predict diverse driving behaviors, this paper proposes a Goal-oriented Interactive Trajectory
Forecasting with Dynamic Attention (GITF=DA). Employing a multi-head attention mechanism to extract temporal and spatial
features of vehicles, a lightweight shifted attention module is introduced to capture key behavioural characteristics during social
interactions. Combining Bidirectional Long Short—Term Memory (Bi—LSTM) network with Shifted Window Attention (SWA) for
driving intent recognition, generating directional targets within a Conditional Variational Auto—Encoder (CVAE) module.
Leveraging the diversity of generated targets to achieve multimodal trajectory prediction. The results indicate that in lateral and
longitudinal intent recognition tasks, the proposed model achieved accuracies of 98.01% and 84.27% respectively, with Macro
F1 scores of 81.81% and 81.61%. In trajectory prediction tasks, the model demonstrates low prediction error.
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