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[ Abstract]In order to improve the energy management of Range Extended Electric Vehicle (REEV), firstly Long Short—
Term Memory (LSTM) neural network was used to predicate vehicle speed, then calculates the demand power in the prediction
time domain, and the demand power in the prediction time domain and the demand power at the current moment were jointly
inputted to the Deep Deterministic Policy Gradient (DDPG) agent, which outputted the control quantity. Finally, the hardware—
in—the—loop simulation was carried out to verify the real-time performance of the control strategy. The validation results show
that using the proposed LSTM-DDPG energy management strategy reduces the equivalent fuel consumption by 0.613 kg,
0.350 kg, and 0.607 kg compared to the DDPG energy management strategy, the Deep Q—Network (DQN) energy management
strategy, and the power—following control strategy, respectively, under the World Transient Vehicle Cycling (WTVC) conditions,
which is only 0.128 kg different from that of the dynamic planning control strategy when the dynamic planning control strategy
is used.
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