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Semantic Map Construction Based on 2D Probabilistic Grids
Zhang Dongxiang, Deng Yimin, Li Tianran
(SAIC Motor Corporation Limited, Shanghai 200041)
[Abstract]In the semantics mapping construction of Simultaneous Localization And Mapping (SLAM) algorithm, to solve
the problem that the semantics information extracted by using deep learning technology contains noise, this paper proposes a
representation method for semantic observation by probabilistic grid. The influence of noise is reduced by grid matching and
probability updating, in this way, a clear map can be incrementally constructed without auxiliary means like features matching.

The effectiveness of the proposed method is verified by experiments in which clear zebra crossings and lane lines are contained

in the constructed map.
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