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Electronic and Information, Shenzhen University, Shenzhen 518000)

[ Abstract] Electronic nose technology holds immense application potential for odorants and air quality control within
vehicles, owing to its significant advantages of high sensitivity, operational convenience and low cost. This paper focuses on the
application of electronic nose technology in the identification and classification of gas components, with a particular emphasis
on the working principles of electronic nose technology, the response performance of various gas sensors and pattern
recognition algorithms. Additionally, the paper discusses the progress made in the use of electronic nose technology for Indoor
Air Quality (TAQ) evaluation and the identification of odorants emitted by whole vehicles or interior materials. Finally, the
paper provides an outlook on the future development direction and challenges of electronic nose technology in the field of
vehicle odorant detection.
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Fe 1 [A) I 34 i 1 SC B I PP R A Y R A RE ) L 1R
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P 5 T Y00 T 4% Ge A P00 28 ) 28 A AL Wang
WA G AT 55 4SS/ ML HE B2 R o 24T 55 2
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RGN BB AL A AR T T B R AR RS A
AIEEME . MAERE AL B T, e Sk S L g )
BRGNS 2 SRR 5 1 TR 23 B R A A 4,
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A5 RN I 2 FT S B0 B4 23 AR 3 XL 23 VOC
Yy S e U

Sun 51X 4 AR LU AR 9 B 2 2
PG SFAE 55, A A th 8 & IR AR LR A 1 L S
Z 4t % I Z IR (Polyurethane, PU) f2 ¥ R 5 & M
(Polyvinylchloride, PVC) JZ &5 4 i 4545 6 Fiviy WA
WA BRI Y SR B AT TSI Ao 26 i
FE it T B T 43 244 (Classifier Chain, CC) 1) £ 75
2oy Sl A KNN Sk R R R R AT 7326,
IR FE KNN P 1 285 SR A R T AR AL, PR B
8 | RET#EIW

45 1) 512 AL (Support Vector Machine , SVM ) 5 71 X}
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W i I 1) S AR I 45 2R . AU B 7 R ) 2 ]
ik 88.17%, UESE 1 T 1 R 245200 26
05 2 1T A AT RO PR DT o A B 7Y AT
171k

Wang % 4 @ 7 — F i 8 > AL ML R &2
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A B AT LA SE 2ol 7 g AR S 4] | S B R
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