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[Abstract] To improve the low efficiency of the current diagnosis method using subjective evaluation method, this paper

proposed a method for identifying vehicle abnormal noise based on Convolutional Neural Network (CNN). A four post vibration

test stand was used to collect raw abnormal noise signals with high signal-to—noise ratio in a semi anechoic chamber

environment as the research object to extract the Mel-spectrogram of the signal as input to the neural network, then, a

convolutional neural network was constructed to perform deep level feature extraction, compression, and classification

recognition on the data. It was found that the average recognition rate can reach 90.5%. Finally, the transfer learning method

was used to optimize the model. The test results indicate that VGG and ResNet models can improve recognition accuracy, and

the ResNet network has better recognition performance in the test set.
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