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A Survey of Lateral Control Methods for Autonomous Vehicles
Zheng Chuan, Du Yu, Liu Zijian
(Beijing Key Laboratory of Information Service Engineering, Beijing Union University, Beijing 100101)

[Abstract]In order to achieve accurate and stable lateral control, and improve the safety of vehicle autonomous driving
and ensure the comfort of passengers’ experience, this paper reviewed the latest progress of lateral control methods for
autonomous vehicle in recent years, including classical control methods and deep learning based methods, discussed the
performance characteristics of these methods and their advantages and disadvantages in application, and prospected the
development trend of lateral control methods for autonomous vehicle.
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