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[Abstract] Data on distracted driving conditions and passenger retention conditions in the car were collected, and

combined with a neural network model, the lightweight network MobileNet V2 in the end—to—end distracted driving network

was used to achieve distracted driving recognition. By connecting YOLO V5 target detector, DBFace face detector, and

MobileNet V2 face classifier in series, an accurate health and safety monitoring plan was designed. Real vehicle test verification

schemes were designed respectively, to verify the feasibility of two vehicle occupant health and safety tasks. The results show

that the proposed scheme has high detection accuracy while ensuring real-time performance.
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