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Abstract: Landslide is an extremely destructive natural disaster. Accurate assessment of the ecological restoration effect in mine

landslide treatment areas is of great significance for ensuring the safety and ecological stability of the surrounding areas.

Airborne Light Detection and Ranging (LiDAR) data were used to construct Digital Elevation Model, Digital Surface Model.,

and normalized Digital Surface Model for terrain feature extraction. Combined with visible difference vegetation index and
texture information features, the Piangiaogou landslide treatment area in Du’erping Coal Mine was selected as the study area to

perform ground object information extraction and classification using support vector machine optimized by particle swarm
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optimization algorithm. The results show that this method has a good classification performance, with the overall classification
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accuracy reaching 94.12% , the Kappa coefficient 84.19% and the F,-score 93.52%. It is superior to the other two traditional

classification methods. In addition, the Shannon Diversity Index of the treatment area reaches 0.958 4, which verifies the
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effectiveness of the mine landslide control measures, and provides ideas for the application of LiDAR in mine landslide
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Fig.4 Point cloud filtering results in the study area
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Fig.5 Digital model of the study area
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