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A Precursor Particle Detection Method Based on Improved Mask R-CNN
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Abstract: An improved Mask R-CNN based method for precursor particle detection is proposed. Multi-branch feature

extraction is employed to capture particle features for feature fusion, and detection results of precursor particles are

output through a dual-branch output module. The experimental results demonstrate that the proposed method achieves a

detection accuracy of 93.2% for precursor particles, with an inference time of 15.1 ms per image. The model is

characterized by both high accuracy and real-time inference efficiency, which can provide critical technical support for

the production of highly-consistent precursor particles.
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Fig.2  Structure of dual-branch output module
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