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there is a paucity of sufficient online textual data for GenAl training.Secondly, these topics often entail
relatively higher uncertainty, necessitating a more cautious approach to content formulation. This study
conducts a comparative analysis of science popularization content on frontier scientific achievements
generated by traditional science popularizers and that produced by GenAl models. The results indicate no
significant disparities between the two in terms of scientific accuracy and source reliability. However,
the content generated by GenAl models tends to exhibit a more positive emotional tone compared to that
produced by traditional science popularizers. Based on these results, this study suggests that while the
risk of GenAl disseminating misinformation may be limited, it has the potential to reinforce existing
stereotypes. Consequently, GenAl can not entirely supplant traditional science popularizers within the
current framework of science popularization.

Keywords: generative artificial intelligence; frontier scientific achievements; science popularization
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Evaluation on Science Popularization Writing Ability of Generative
Artificial Intelligence: Science Popularization Creation Based on the
Theme of “Microbiology”

He Hongpeng Zhang Yaxin Zhang Likai
( Institute for Advanced Studies in Humanities and Social Sciences, Beihang University, Beijing 100191 )

Abstract: Generative artificial intelligence ( AI ) has emerged as a pivotal tool in the creation of
science popularization literature; however, its capability in this domain remains subject to skepticism
when compared to human authors. To evaluate the sciencepopularization writing competence of
generative artificial intelligence, a four—dimensional evaluation framework was developed,
comprising readability, engagement, scientific accuracy, and dissemination effectiveness.
Using “microbiology” as the thematic focus, sciencepopularization works produced by human
creators, DeepSeek, ChatGPT, and ERNIE Bot were systematically examined. The results indicate
that both the initial-prompt and deep—prompt versions generated by ChatGPT showed no significant
difference in overall scores relative to the human—authored version, with the deep—prompt version
exhibiting a significantly superior performance in terms of readability. Moreover, the deep—prompt
version of DeepSeek outperformed the human version in the dimensions of engagement and dissemination
effectiveness. Notably, evaluators correctly distinguished Al-generated works in less than 55% of
cases and showed a tendency to attribute high—scoring works to human creators. These experimental
findings suggest that generative artificial intelligence holds the potential to substitute for humanscience
popularization creators, thereby prompting the proposal of a novel “human—machine collaborative
sciencepopularization creation” model. The study further calls upon the academic community to critically
examine the phenomenon of the “Hallucination of Human’s Ability” .

Keywords: generativeartificial intelligence; science popularization writing; science communication;
creation ability of artificial intelligence
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