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Design of Cloud Computing Resource Platform for Urban Rail Transit
Based on Large Language Models

ZHAO Junhua, DU Chengxin

(Institute of Computing Technology, China Academy of Railway Sciences Corporation Limited, Beijing 100081, China)

Abstract: With the improvement of the intelligence level of urban rail transit systems, the traditional computing power resource allocation
mode has been difficult to cope with new demands such as multi-source heterogeneous data processing and real-time decision support. An
architecture of urban rail cloud computing power resource platform based on large language Models (I.LLLMs) was proposed, a hybrid scheduling
algorithm integrating knowledge graph was constructed, and the utilization rate of computing power resources through a dynamic resource
allocation optimization strategy was improved. Experiments show that when dealing with typical scenarios such as sudden passenger flow
prediction and equipment fault diagnosis. this platform shortens the response time and improves the accuracy of model reasoning. A new type of
computing power infrastructure solution is provided for the construction of smart urban rail transit.

Keywords: intelligent urban rail transit; cloud computing power resource platform; hybrid scheduling; RailGPT
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