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Analysis of New Energy Vehicle Evaluations Based on BERTopic:
A Case Study of BYD

ZHAO Chengbing, WANG Yao. CHU Lizheng
(School of Mathematics and Physics, Anhui Jianzhu University, Hefei 230601, China)

Abstract: Taking seven popular BYD models as research objects, 27 283 long-text reviews {rom AutoHome and DongCheDi were collected.
Effective short texts were extracted using the DeepSeekV2 model, followed by BERTopic modeling to identify key consumer focus areas,
including pure electric performance. blade battery and noise control. The experimental results reveal that consumers give positive feedback on
battery technology and range capability but express concerns about comfort-related issues such as tire noise, wind noise and interior odors. The
contributions of this study include proposing the use of the DeepSeekV2 model to split long texts, enhancing the adaptability of BERTopic in
data analysis,and combining semantic embedding and hierarchical clustering techniques to uncover consumers’ multidimensional concerns and

their structural relationships.

Keywords: BERTopic; BYD; new energy vehicles; topic modeling
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