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Research Review and Future Prospect of Data-driven Model for Energy Price Forecasting

WANG Yuxiao, QIU Ruixiang, LI Mengyi
(CNOOC Energy Economics Institute, Beijing 100010, China)

Abstract: Energy price is a key market signal, and their fluctuations have profound impact on national economic development and business

operations. To accurately predict future price trends and master cutting-edge energy price forecasting models, a systematic review of relevant

research was conducted.

First, the distinction between in-sample fitting and out-of-sample prediction was clarified. Second, traditional

econometric forecasting models was summarized. Finally, advanced artificial intelligence models was organized from the perspectives of input

variables, forecasting methods, and forecasting frameworks. Based on the research review and current trends, there are two future directions

worth attention: first, the use of integrated feature selection methods to construct stable feature subsets, and second, the introduction of

mixed-frequency methods to improve the accuracy of real-time predictions.

Keywords: data-driven; energy price forecasting; research review; future outlook
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