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Progress of Research on Artificial Neural Network in Air Pollution Prediction
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Abstract: The artificial neural network, which rapidly sprung up in the 1980s, is a non—linear science. It is especially suitable for the research
on the objects with the characteristics of multi—factors, uncertainty, randomness, nonlinearity, and so on. And the air pollution prediction is
just this class of problem. The fundamental conception of artificial neural network is briefly described; the research progress of air pollution
prediction based on artificial neural network is reviewed in detail. At last, further research directions of artificial neural network in air
pollution prediction are provided.
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