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Abstract: Hyperspectral remote sensing information intelligent processing has significant theoretical and practical values to its wide
applications. Support Vector Machine, as one effective mean of machine learning, is a potential classification approach to hyperspectral RS
because of its suitability for high- dimensional dataset, insufficient samples and uncertainties. But it is necessary to pay more attentions to the
following issues based on the characteristics of hyperspectral RS information: multi- class classification strategy, optimization of support vector
and feature space, selection and optimization of kernel function and so on. Oriented to the requirements of intelligent information processing,
the framework and processing flow of hyperspectral RS Data Mining (HRSDM) is proposed, and the types of discovered knowledge and typical
DM modes are discussed.
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Fig. 1 Flow chart of hyperspectral RS information intelligent processing
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Fig. 3 The framework of hyperspectral RS Data Mining
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Abstract: Molecular imprinting polymers (MIPs) are new functional polymers, with specific spacial recognition ability to some molecules. In
this study, the basic principle of molecular imprinting technology (MIT) and its application progress in many fields are summarized, including
remarkable advancement in sensors. Present difficulties and potentials on commerce are involved.
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