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Prompt

From the perspective of an experienced driver, analyse the scene content and
relative changes of each frame and determine whether there are factors thar may
rigger the driver's road rage.

GPT-40

From the provided sequence of images, I will analyze the sitwation 1o evaluate
the driving conditions, potential riggers for road rage, and frame-to-frame
changes that might exacerbate driver frustration or aggression.

Frame 1: The vehicle ahead appears 10 be maintaining a consistent speed,
while a larger truck is present in the adjacent lane. No immediate conflict or
erratic behavior is visible yet, but the presence of multiple vehicles close
together could create potential tension.

Frame 2: A new vehicle (black SUV) is moving into the lane from the right
side. This SUV appears to be cutting into the lane in front of the driver withour
adequate space or signaling. Such abrupt lane changes can provoke
annoyance or alarm in the driver behind, as they may perceive it as reckless.

Frame 5 to 7: The black SUV continues forward withour further aggression
but does not show signs of creating additional safe space. The truck remains
nearby in the adjacent lane. If the driver behind the SUV felt “boxed in,” this
scenario might escalare frustration.

Factors That May Trigger Road Rage:

1. Abrupt Lane Change: The black SUV's entry into the lane without proper
signaling or spacing could be seen as inconsiderate or unsafe.

2. Crowding/Perceived Threat: The proximity of the SUV, the truck, and the
Jorward vehicle may create a feeling of entrapment or danger.

3. Lack of Safe Distance: Tailgating or lack of sufficient stopping distance
between vehicles increases tension.

4. Perceived Lack of Courtesy: The SUV cuning in could be interpreted as
selfish driving behavior, especially if the driver recording the footage had to
adjust speed abrupily.
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Encounter other drivers racing or chasing

N

228 Assistant .4 Strategy

Mindful
really infuriating to be in inciuiness

“I understand that it's
this situation while driving-"

Intervention

:@ Attention Focus on driver
bbbt
: i - "He must have
i ppraisa deliberately stopped
i my car!”
2SR
1 a8 \

! N Honk and car horn

' @ Response ‘ and accelerate to ‘
1

1

overtake it

“We can try listening to Attentional
: [P

some soothing music Iyagligint
R
“Maybe the driver was just - !

) Cognitive

a momentary mistake and :
not on purpose-” Change "
]
_____________________________________ 1
77777777777777777777 Tt
" 1
You can swear bc: vent Response -
your anger, but don't make :
dangerous moves!” Modulation ;
1
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Traditional Design
Recognize emotions through patterns & Extract causes from the context

Situation

Yesterday, my friend borrowed a shirt from
me. Today, he told me that he had lost it.

Common Patterns
Losing leads to sadness or annoyance

Explicit Information

Emotion: Sadness or Annoyance v
Cause: he told me that he had lost it Cause is directly stated and extracted

Our Proposed Design

Understand emotions via reasoning & Imply causes from the context

Situation Situation

Yesterday, my friend borrowed a shirt from  Yesterday, my friend borrowed a shirt from
me that I wanted to throw away. Today, me that my late grandmother had given me.
he told me that he had lost it. Today, he told me that he had lost it.

Low Emotion: Sadness or Annoyance H igh
Sentimental Cause: he told me that he had lost it | % Sentimental
Value — Value
Emotion: Unbothered Emotion: Devastation or Anger
Cause: He lost something insignificant Cause: He lost an irreplaceable item

Implicit Causes: The shirt's value is not directly stated and must be implied J

{ Transcending Patterns : Outcome of the same event differs based on perceived value ]
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A2 H 8 11 EmoBench FL1E
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following) 4341 N 25 4 ( content—following ) FllA% 2 i
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i 501U AL 75 248 Bl ki % U 494 Z Ak LA
A 2R JE 5T IR o Mizrahi SR AWFFE T 5
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Review of research hotspots in affective human computer interaction
in 2024

GU Yu, REN Fuji’

School of Computer Science and Engineering, University of Electronic Science and Technology of China, Chengdu 611731, China

Abstract Research on affective human—machine interaction aims to create an intelligent system capable of perceiving, recognizing,
and understanding human emotions, and responding with wisdom, sensitivity, and naturalness. It serves as a fundamental technology
and a crucial prerequisite for achieving naturalization, anthropomorphism, and personalization in robotics. In 2024 advancements in
large language models brought profound changes to this field. This article reviews the progress in this field in 2024 in terms of
interaction theory, emotional cognition, emotional regulation, and evaluation of interaction effects. Additionally, it discusses the
theoretical and technical challenges that exist in areas such as computational models of emotional cognition, evolutionary interaction
loops for emotional regulation, and explainable evaluation systems for emotional interaction.

Keywords human—machine emotional interaction; multimodal large models; emotional cognition; emotional regulation; interaction

effect evaluation
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