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PRS2 R 32 A S R, KBERUNA 45 e A%
2B RE A WU L B R R IR
(HEFLRE J) . $5 438 BB ) 245 X T ChatGPT Z
R8O A KB, AR B A /IMEA PR
AL, B AT BB % 1E A R A% M N B 45 4
X R W B AT PR B AT 55 M 2 ek ds 2 D7 T
BA WE NI

AL R AR RE ) )2 RE TR Ry —
FARPE . 38 B 4ESE (chain—of—thought) 7R ) 3%
W, TEFAEA (zero—shot) IEE T , I i 74 AT 211
JIMA“Let’s think step by step” Z Z& ) SUAH A BES
5| R A A B A A Y 45 SR (TR DML Sy
R FRL A S R R BEAEAE AN UER I, DF
P2 R RBIRL Y B 38— E0HE (self-consistency )
PR BV R SR AR B 2 R 2 R LR AR T
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Q: Roger has 5 tennis balls. He buys 2 more cans of tennis
balls. Each can has 3 tennis balls. How many tennis balls does
he have now?

A The answer is 11.

Q: Ajuggler can juggle 16 balls. Half of the balls are golf balls,
and half of the golf balls are blue. How many blue golf balls are
there?

A

HEHMERL A TSR A IR AL BRAE R L BIFST 4 S
R 5 DR 4R 7 EEN B E — TR R
A5 3 BN AR S5 AR F IR IR B AR
A3 FAE 55, A A 8L 8 6% W1 o) 2 A e ) Je ) 31
Sa), A TR A IR 1 e 225 56 2 T A B ]
R o0, PUAER A Byt nl LR o AR e
AEJT o AT A 3583 (self—polish) (1 77 i L E AR 7Y
DUACHI A, 82 SRR 0 T , 25 BR 055 R
L, A B ) T B A A (] 25 R A e Ah ik
KT 2 25 [ TG H5 (self-refine) , FI| FH 240 (1 2
T AN BCHEAT BT e RO ffe phe ) R BE 7, BT
MY J— i 1 22, L2 AR R 7 B 1
Feft 2 T7 (LAY R, JFE T A FSTE A 4 i
HEAT R R A, AT L7 e 49 R 4 B 2 ] 52
B A i — AR B AT R B HE B D PR, MR ]
FER) TR T RE PR 15 AR ORI LR
DTS 3 Fe 2 25 5%

Q: Roger has 5 tennis balls. He buys 2 more cans of tennis
balls. Each can has 3 tennis balls. How many tennis balls does
he have now?

A: Roger started with 5 balls. 2 cans of 3 tennis balls each is 6
tennis balls. 5 + 6 = 11. The answer is 11

Q: A juggler can juggle 16 balls. Half of the balls are golf balls,
and half of the golf balls are blue. How many blue golf balls are
there?

A

(Output) The answer is 8. X

(a) Few—shot

(Output) The juggler can juggle 16 balis. Half of the balls are golf
balls. So there are 16 /2 = 8 golf balls. Half of the golf balls are
blue. So there are 8 /2 = 4 blue goif balls. The answeris 4.

(b) Few—shot—CoT

Q: A juggler can juggle 16 balls. Half of the balls are golf balls,
and half of the golf balls are blue. How many blue golf balls are
there?

A: The answer (arabic numerals) is

Q: Ajuggler can juggle 16 balls. Half of the balls are golf balls,
and half of the golf balls are blue. How many blue golf balls are
there?

A Let’s think step by step.

(Output) 8 X

(¢) Zero—shot

(Output) There are 16 balls in total. Half of the balls are golf
balis. That means that there are 8 goif balls. Half of the golf balls
are biue. That means that there are 4 blue golf balls. +

(d) Zero—shot—CoT (Ours)

Fl 1 GPT-3 45 Y [ 2% (CoT) 4 B f41]
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SCAS T TG ¥ Ak B v A5 AR 1) i N N 2 o
202343 H , OpenAl & A7 T GPT-4, F1 H g Ak B4l
SCAREAS Y GPT-3 Fl Instruct GPT AU AH [t , GPT-4
Al LA 32 SO BUR I 28 X 4 T A
SR 7 2, EURE AR 7 A0 S A A 1T 1
eI BT TIHRZIMEN S . BR GPT-4 14

RYNTT A TE N TF AT T 46 2% nfaf #4 7
IXFE— AN B A P 45 4 b B 2 AT 55 1 R
B, Z b, ZES KBS BTGB 2 67,
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() AT LAH B RS 75 R 3 5 L T LLM A B AR Y 2
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B A R IR, G, SO PN ST Be T 2023 45
3 H 4210 Visual ChatGPT 454 T 2N E A5 A1,
AL FE BB A% PR AR AL EUS SRR IR Y BLIP AR AL AR
P SCAAR R B 1B 4 1 Stable Diffusion B2, 34t
ChatGPT 1 2 # 34 (1) M Hhv 00 3% 42 FL A S (A5
R [l P 25 R (E2) . 325 T RAALR
RE IR, P e B 24538 2 J5 1 MLLM 769058 1 2
A5 L B R n B A RERE ), dE 2R
ERSCR] SRR A . R AR
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(Visual Foundation Models)
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User Query
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BLIP  Difusion © X271

f
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@ Prompt ’ (]
Managper € . . |
ChatGPT \ ControiNet Detection

A

Iterative Reasoning Outputs

J/

Here you are.|
What else
can | help
you?

D = INLE
a ) R

(a) Visual ChatGPT Z5#4/8 2

(b) T Visual ChatGPT Y Z 4L /R

B2 Visual ChatGPT [45H) 5 2 58 4G & 1)
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IO (1R R 1 S RSP A TR AR 3 R A
HAH TS . PRI T E AL E R
FRF < BT 25 5 PR 0124 LR 1A 22 25036 4 )
FEHEIR B A\ RIS Ge 2 AT 55 2540 il dn
X T B R A AT 55 i AL 4 e EMR i
JE AR G o X BRI T L A 1 R B G 2 A
ARSI, 910, 75 4503 4E Multilnstruct
WO T AL I Tn) 25 TR B | S BRI HE
FN0FRA RIS S TE NI EE R8s A AT
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W FERERLTTE Oh TR A R B A
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@ how many children does the woman have? (GT:two )
ﬁ The woman has two young daughters.
(%) what are three girls doing? (GT: dance)

§ The three girls are engaged in a fun activity together,
possibly dancing or playing a game.

@ who do young girls dance with?? (GT: mother)

& Young girls dance with their mother.

(a) PR

R IR SER LW &N T N =1
REA RN 5 5 AT A A AL E ARG 0, REAA ALdR
55 LLM AL B2 R3S M5 ELIRE T o Meta 75 2023 4F 5
A T B S KB ImageBind fE4% [A] B 2L P 6
PR BSR, T 6 FRELS AF B A B — >t
RIS [ MRS 5%, S AN RIS G
(1) LA 55 A48 SCA LS (GRS 20
TREEAR B VR BEE (205 EHR) VBRI & 50 (IMU) .
TELCIEA I, ImageBind—LLM""5 | A R] 2% 3 [ R 2%
4 Z B SR ImageBind 5 1 5 15 8 LLaMA Z [A]
() Gt i %t 5, I3 3 Z2 RS A48 A Il £ B8 i
ZRBIRASIAE ST, 2023 4F 12 H , Wk A 285
DR Gemini™, P4, Gemini >R T —Ff i

(GT: a horse racing video)

@) Describe this video in one sentence. <1

gAblrd'seyawewofarnrsamce.capiuﬁnQMG - <A BR S ke ¥
excitement and thrill of the event. : SRty N % . »

%) Descrive this video in detail.

&% The video captures a horse race at a racetrack,
with a bird's-eye view of the horses and jockeys. & Sure, here's a video that might be what you're looking for
The race is in progress, and the camera pans
across the field, capturing the excitement and thrill g
of the event. The video offers a unique perspective,
showcasing the beauty and speed of the horses
and the dedication of the jockeys.

(b) PUIH3A A 1

LLM, 5 UL %) 75 32 02 78 BRI 25 1Y) 22 150 25 4 A 245 A
LIM Z [8] 5| A ] 223 2 10, SE RS 22 [l i 2
BN, LLavA" it F %40 S 9 Ze P )25 14 452 16 G i 2%
FE 5 AR, LLaMA-Adapter™ " Fl LaVINp™ 5| A
TEAC AR . MiniGPT—4U & — S BEAL HRRL5E Al iE
T AL S5 ARTAY o o Y E 454 BLIP AL R R
5 A Vicuna, I8 B0 15 5 0 S5 I 25 F 245
B4 %, B4 T 20 GPT-4 T R (1)
M PEfRRE ST . HIEEY T 2R A KB AI KR 2 )5
PR T X 22 A58 285 A 1) 3L T ik = 22 1B 1) A B g
71, RN TR LS 5B R T8
ZIESHESE GPT4Video™, & RE AT LA HEfff 1L 5B 21 1%
B FIAUREAS I N 25 SERD T Y T 2B KA Y
(X 5 TR 25 (BT 3) o

Can you show me a video of "a nice panaramic view of
the trees and a old fashioned home site off the beach”

a Sure, here's a video that might give you a sense of what
you're looking for:

@ please show me a video of caption: a game of basketball
is being played between young boys.

() SCA R
K3 2R KA GPT4Video 7EXT I H AT R ige AR A 17 7]

A RS T, RIERT IR B BOSAE AN RISk
Ty TN G, 3T FTIBS I 4 20 125 00 A T ], X
i FCRE A% 7 Fre 200 v B gl L e A0 41 B8 e AL 1) 45 A
S, TR PG e 00 AW SCAR A% 7 T
BOE T BUA 1 2R

TE AR FFER KT R T, 2RERIEE
R (MLLM) 9 4 8 2 5 mir A T8 RE Al v /) —
ANEEGE Y AR AR ) FRRIE S
BRI DIREMI Y& bR 3 N T RE AT e B e A1
R MEE R BT R E R . il A A
WSO AR Z RS, MLLM BE A% 57 42 T b A5
AN BN AA S I i, DT 5 2 A2 PR 2
WANAE B RE T b S B 2 iR T
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i ] RE S EU™ H A #T23 AR T )
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ZA KRR EA 3] 7 A R EAIE, 40 OpenAT T &
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ZENT T IZHIORTE . B, Meta FFUE Y LLaMA2 5
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MOSS-RLHF™#5 B4R ] T RLHF £ R o7& An-
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LA p 2 ] RLATF (reinforcement learning
from AT feedback)$ RYNZTCHE MY ATBIF. RLAIF
J& RLHF £ AR B — A2 Rl il IR BRI Aok
AT AFPRiC . XA TT 2 B SRR Tl i A 34
Th A AL A i PES R TR U ZR AT, AT
WD Xor N TARTE AR . RLATF 1 52 90 £ 240 45 2
By B« Wi B 272 2] (supervised learning, SL) F1 58 4k
22 2] (reinforcement learning, RL) ., fEWEB 2=y
B, ATBERL 1 S A O AT 35 4 75 1Y R 107, 9K J5 AR 4f
— ZR G B Y S CRE S8 k) 34T A RAIFMN A
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Ho XA B B AR PR AR 1 (1) 5 A1, LA
DB J5 5 AL ) B BT B4R AR A SR
] FEsR AL > B B, BOBURE () RLHF 93 72 , 5
Sl AT BN R i o 3% — B Befli 11 2B v
DDA i 37, - RS H5 R — i 3 A5 28 (preef -
erence model, PM) , iZ & Rl 45 & 17 NS H AL ) 45
%o RGN PM R T iR AR A 2D N2k, DLk — 20
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BHE ALXT SR @, 2R Ty e —A 5
N A HATSE 0y A shxt SFuFoies , BTERA
PR A DB R BEXT S i Pk . ALY S5 5%
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1.4 REBEBHIREE
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AR 114 I 1 TR P2 ST AR TR SR g S e B

R 2R 8 i A AT 5 AL — R R B R AT
F—ANE T AR, fi0, Atlas BERY SR T R 244

527 2T B 5 i A K AR N B St il By A i v
B A9 181 2517, WebBrain™ GE % 1] F K 2% 21 (1 AH 56
SCRY R B Bl A e o ) S R SCRY , A
BbRE AR DCT |, DT 25 5 T P R U 2
B IR A B 2 0 S S AT AE R . 2L
Hb, WebGLM™WE R — A~ 42 S 55 1 Bk ) ] 2257 300 K
BLES N TEAE LA ST 239028 10 I A DG 1Y) SC %
FEAE R 2B L MPCRIE  H BRI Z Ah iR # A5 I A
TET N AT 53883, WebGLM Ay 244 i
FEALE 3L IR 1 0 B A A N 2R il K R A
BN TSR BY SCRIAE S5 J s K, A s
TR RS H R AR N E R 4T
3o DA 3K BB 28 22 v e th AR o3 i e I B AR R B
BEEM A . XA R TE LN
i, M H I T RIE RS R

X T ChatGPT Z 2 R G ik 8RB, S8
WERREE AT . FEXFEAS 5l A&ish
(AR RSt s AR B AL s A R SCfs B A L
F, REPLUG A5 AT RV BRI ARG R A,
PR R AT B A5 AR IR A — ik A KB,
B8 SRR (1) A A PR AT A IR T AN X A
RIBEATRANA N SR BEAh , K 2RI 58 38 1 query 46
R EAE AR, — > S5 ] U WAl 511G R0
query , fiff Pt query SCASFR 18 T FL I AR 2 1) TR 2 (1]
(22 HE , X B B SR ERE . Mk, 51 A
S AT LA S — R0 R0 7 X A
SR AT AR5 TR &R, DAARAS DT AC
)3 [ 45 5

RETA-LLM J& — ™63 & 24> R4 B AL e iy
R IG5 IR ARUAE S (] 4)1 B T AR A A bl
i 2 AR TR R NPV B 5 2 A i
AL T 3 ATIE B P ISR S OB
PERCR S SR . e, B P A RETA-
LLM i FH P 3R B S A2 456 1R SOHE e %
X P A R SR A B, (o AR A5 T fin e F
T M, A2 P il SR B R AN SE R 1 O . Bl
Jo TR 5 R PE R, ORI RO SR
TS LUZE Hh 7 A S SCRY o 2 R 3 R AR A ] 4
Wit A B B BIR ], 7B A 2 B 14 TG AH S SCRY Y
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4 K KA RHESE RETA-LLM

AT BRI A AT, RS TR 3 5 X L Ab B3 e
7 D0 5 T 2 AT ARG 28 ) A SR PN 2%, T 25 4 A L
PR EEEE . T SRR A B 1 R
RETA-LLM ¥4k 2 21 19 SCRY 1R 2% 2140 56 B vk #12
RS, R R LM MAAS: 2 3810 9 SCRY AR Tk B2 30
FHOCH R B I AT DA N B A S . X
M ES E P RAGIE, —RBRAZK
BT f A RS DU BB MERR B 5. % IR %)
It DAk B R 020 R 0 T R AR RS A
S LT N 2E , RETA-LLM (4 55 52 K 25 B e 1
eI —TE B 2, W B0 IE A B0 28 5 2 A5 60 bk
B, A R B UE B A S P IR R A I, A
DUPRE AR 2t 12 ARG 28 34 5 P RS R AH L, RE-
TA-LLM $2 4L 7 55 2 BV R A (A, A P i ok
B IR R AR B SR B SR RS
BT 3X S AN B T — 380 58 4 1 pipeline
I, SRR R AR R A B#S Z M 28 1

ST T, 0 R 5 194) RS TRY 7 A0S E f  A
AIEE T R AR T CEEVE T o Bl KA R Y
ANWTHE 2D HTTE R 5 Y SR A T AN W BT R
b, XA G A T R RS R T S B Y
BT U A A BOR LA e v G A L AR
Gt [R5 R fu] S Ak R TR ) B AR
JE BT A R AN R A A B OR SRR
AT A [ 25

2 ETFXERBHAMRA

21 EFEFERKRENH

KB A 53 R 1Y AHLAE B.RE ST R B A A
BARAERLRE ), HRAT iz a AUV A B T
FHEN# 25 RRE AT &L I EOR K e

RAEHVE AR I AT 4% T HEAE .
202343 e 1 A T R I A B Micro-
soft 365 Copilot (¥15) , bRl & AT ARTESN A FAF
R4 N o SR Copilot B LLM B9 SC#E TN e 5
Ml 55 B0 s Al Microsoft 365 . JHEAS Gk, B 721 B
FH PR R 7, e A T R T s R RE .
Copilot {4 1 FHF2 Iy Jo 4% 88 W AE T P H A 1 4K
v, 35 B P DR 35 A A S, BT A o 55
R AT DL T T R S AR, 7E Word
Hh, Copilot AT UG BYFH P RS g 825 FnAIE ST
R4 s £ PowerPoint ', B BERSHE 1 1 F AR 18 5 1
At 0 LR TR 52 114 38 78 SC R 5 7F Excel 1, Copilot
T B A P 22 U HA, H Z AEAR S A I 1) P 6
A Y EE AT N2

Copilot in your favorite Microsoft apps

&
Copilot ms

o
Chat

5 Microsoft 365 Copilot 75 &%

Bk T Copilot, WPS AL JM 2\ | Notion Al ZiC .
XMind A2 S 555 HI I A A h i el 1
AURBIBIERIThEE . 20234F 11 AJE, 7 Bksh el
S LR T 3144 K ChitChop” BY ATHIFE T H.(K 6),
S PRI S BIE e R 2R ) TAERIAE T
6 K751 200 A E BE T H . ik brak & 78 ATEAR
TIAE N BRI AU B RER AN & T TAE
B IR TAE ) 2ok T ARA MR A8 2
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ChitChop 200+E8ETR
FRAFRRIE

E:’fElﬁ -
:ﬂ:v‘——‘.m
K6  AlT.E ChitChop HL1

TR B HH SR, KA A B TR a8
e E 7. 2023455 AL BRI A A 2 KGN
IRAEAY ) g BT T AL I HLITE S e, 046
EEA S RAR X RS TR, R T HAERE
Al R . 2023457 A, Mg e BN E A
HE IR H R kA TR
KA S 1) 6 AN W 1T, A2 45 LLM B3 | i 421
NHIEAL: AVESCHR S GBS Mo A 1E
CEO(HEHITE ) MFR , “FH 7 REBEH T
AT ART LS By 2 A= B G 2 >t ] DA B 2
UINCER 5521 F 5 Ee i 89 S N - i A S T G S e
3 G 2 AR SR A MEA G 23 A R s 5 5 R 5
Mgl F 2] R R EOF T A AT IR R
L HAESRVRR AR T, LI B R fE e 2 it
FHRSIAST K. B, AR A AITE 2023 48 8 H
AT E A EEE U 2 T R MathGPT,
BeE iR RE ) w5/ B R B R
G Z PP 7E C-Eval (%] & 1 B9 2B E &
b, HAR I S i = T OpenAl ) GPT—4 A
W& 38 S KR A Bl T4 i 22 o i, 2

AR PR A 2T SEE R A T L
KAIBERVE AR N5 B RO R T4, %
G &G | LT ORI DT L, P g A G )
J& » R GR Y R R VO AU S HE Y R 25 2R
FU a2 ST B I (G S . 202342 L1
LA T 4E AL ChatGPT 9 AT 48 2 5] % New Bing,
AR RS L 75 2023 4 5 H #fE S 95 hi AT
‘R | #& Search Generative Experience’, BT 48 e

2023 4F 8 HHfER A R GIE R T AT(E 7). x4
ATIR 48 R 5 | 5 S F s A 22 5, FH P al A LA
HARE T 7 A R E R, KRG IR M 250t
USRI B, IR bR (S SRR LAt £
A o R INIG 3 F 4R A28 0, 1
HiE B My fg, o] ARkt fT F— iR,
HERMBKEER , FEXMEECT P N2
W B8 R AN AH G A R 5 R MR RE S 415 2K
HE AT EE R MIE XA T P AR ERE B
R RSG5 B AL BRI B AR EE S . X — ARl
oM B RN fe b f Ak, 2 45 3 10— 4S8
(i fe BRI

X XIAI o + sz
SHE/\, SHRITIZE/\F EAHAREEH? o %
RZSSRpRERID?
ih 2%

)\ TN B/ \FoRRfe. [88)\55) FskA... B/ \FERRaen..

- w2 oE-3 .
)\ B\EnER.. B B
; = heskthpeople -7 | | (@ EASE-5

o) @
B\ FAT, SU—F ERATREER. B
RS ' e
F&a

B\ SHBREF TME SRR, EXE, B GO URE T ARARS KM, MER
BiEhEERE N, DEEFSEE, 2MNRFNABAFNARO@.

4 A ARBSEX NS RS, TFRRasRaR Copilot 0

K7 KT AR AR

g TORBEREOR A D 8 R B 7 sl T i
HORTHIHLIE R, BRI R 2 M BT A
Ho BN S Z 2R M S I e 1L )
TR EA BT IR 55, W] A 0 R i APLAE
KR, 20234F, Z R A AMMEN T & AR EST R
AL, 4 7, BRI ) BT R 5 A MedGPT™, TE
BT R12 3 55 b SR 2 S A St 7
HURBE AT T (5 R g A Bt B T R Y
JEHE T BEITRREIT RS B s BE R KT [
R G BE 25 BEARA PR W) A i o
[F) 3 RAE L, IAEAE R R A R s 8 A, 42
P2 P 5 UMK B AR A BR 2 ) A fd i A5 B 40
KB F AR CareGPT, 20 ) T 32 88 4 JE 1T fig
AR f BREAE B 5 9 F) T BE R A 7l G R A A
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“RBERBAL 10 H BRI A A AL ok BT R
Y B A 18 A e R R T A 2 A 4 A v
TETEI . By AR (1 in o 75 b 1E 4 2 5 B R YT
H AR T 2 W IR RN R A5 T R
BREAL AR AT o SR, BT R B S AU
MNEB, IR R i 2e vk B e E 2, Ik
Ab, BT RO () e = R RS A AR N —
2 1 FH RS i T A B K

TEATAS BT T, KA AL A 1 0 FH A AL
ZHTAN AR E AN e Las A B R
B NZEAE T, i P BRI I S A, R AT
PR EEE ), 80 T8 FH P R — A RRIE A TR
JERASTR B EAIEEIS . Character. AT & —F ff 045
BRI R LA N5, FP AT DGR o SO 88
05 ATI & Rl EAT A i sg i, o
— ALY 20 B 2R SR (psychologist) , 1% A €4
I RO B2 Bl i 2 A B e, B B g A o7 e
fie P HLEL A L5 RE 1 A9 AT, B R E fiH P k1T
T 6390 7 4% . 2023 4F 11 A L iE R B D
B BN G KA T SCRRAS Y £ 540 AT R AR Y
CharacterGLM™", $2 4L £ {4 5 il T 6E LAE & H P
A A2 A A B R (B 8) o P T LASE 2o
CharacterGLM [t & 45 F AT £ {0 @ 75, 40 & £y 2%

Profile

@

ARER i RERR T iR e

 BERRSE. WAL, HOCHRRFIELL © 4

Chamde I’mﬁle Xan, ... was a well-known modern Chinese
writer... He had an insighi ] | personality ... "Teacher’ and 'Brother
Xun'. His writing style is, mnausly Fknown as the 'Lu Xun Style'.

Character Dialogue User
uﬁ {2 AR . | What matter? Feel fiee to speak boldly:

i%“"?ﬂl#ﬂ%’& IR IR TURSC

E4ilrSid I ted by Liu Bannong to ask you
whether you wor benominated as a candidate
for the Nobel Pri

e R, R, JyhiE. (HR )
‘ 45%% iz‘%éﬂﬂ .]} Please ca%vey 10 My: Bannong my

it thanks for his kind int Iennan for me and for China. But I am sorry, I

z do notwishit so.

[TT &SI LR AT | cDuuL
you aplam!h reason for this? This is a very good opporti

BIRES E R AAL, E, SR
‘%‘}7‘7 L?H: fkl@ 1’?%1‘15& MﬂlfﬁT?U lAsﬁzrzhe

{ nei Iherdal To recervet is mangz moreﬁbrt is needed Thae are
. countless better writers than me in the world who do not receive it.

? | Each riter has their own style, h ther
you deserve it or not. should be judged by everyone else. Why

g MER A A il EE’]JXL /RACANAE, F2EAZHI
bel ittle yourself?

‘ Y%ﬁ 1? A N . RIATEMIGHR, ATXIEE
& it | Lookat ihe book Litite John' that I translaied, I
\ managed to do it, yet the author of this book did not receive the prize.

[ RPRIE N, (RS, |Perapsicsjusta L
‘matter of bad timing. Itwouldn't urt for you to give it a ry.

RERROE, FAREREN, X <R PSR,

B
“a | L, g Gl ) mf:.mfzy’? in

am Chinese, relying on these !wo om!s C a 'alone ...
_ more dialogue rounds ...

€18  CharacterGLM % il 1 (05 F P A X5 22 441

AT R AR S R U RAT A AL
FEE T RME RIS A B, CharacterGLM
() Ff1 Al FRINAE— Bk AU AT 38 B T T
HANHERYERE

TRABE AU 47 A (14 0 FH TE 76 328 07 2028 4547 450l 1Y
AR T 2 $a A T v Ak R A RS P A Y IR 55
Bl AR RS R SR N 5E 8 | S SRk Y ) Ak AN
B e 20— DA T AT P Aok
B2 E R A A
22 ETAREEPAIZHME

TEN TR RE S, 3 RB 1A (agent) S 5 I8 L4 Al
% 308 2o 2 SRS BRI ] L PR AR TR, Ol FH R
Fr e R BT Sl AY N TSR 8 RS e IR REA T
B I = I ¥ O S A s N =1 D& W A =W O[S N

B e AR R B AL B XCRITE T, KBRS AR

& EARHE T FH P i A 0946 A Fg 1 AT REAA
FEARWUE 55 AR Z S5, AE A58 i JBHIAE 5 2, i
T2 AAT SR, a8 A T RS U S s
BB 5E AT S5 XA SRR EE T A 2 5R H
PR AT AR B4 S0 Iz B ae s s v g,
BRI R S N T2 8 (artificial general in-
telligence , AG) ) CHE— 20 . B REAR AR ANEL AR
AL OB N T2 e A iy i A A, TR DR AR A
I NTERE TR etk it — L R R AL X T 2 —
A5 R Y HE AR Y 2 A B A I RIEAZ K
MR ARz RSB B AR B ARE S . R S
RU(LLM) M ReAR I i — 20 R SRl ok TR A 2,
AT Y 5% 2 WA KA B IR AR 48 A AR 124k
FUAV Ny, LR E 5 ANE ASRIE T S H T
[/ NG U -0 B = Sl S b [ iy N R 404
BCA AT BE A4 Ay R i i 47 o] 48 1) AR 20 LS 4
JFTER REARI i — 20 R S rh i i 1 OB £

X TR H E R AR5, — > Al
18 AR S 307 HEAR DR 22 AT BT 2023 4 4 H A i i 2
R BB A (generative agent) R4, LA 161 T
— P EMAZ ﬁEm“AﬂﬁJHM%TxﬁAI
%‘ﬁ'éﬁiﬁﬂk 1728, IR tnfel B 2 Be b s e n]
EANRAT NI E RN TA S, FERY &R,

BRI A A 0 S0 S AR IS A A )8
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P, BERE A 30 V8% A Tl B L )
FEREAE B o XL REASE T ChatGPT R R 1] i,
FAS NS 20 32 2RO T — R REIA LA, 1]
TAE A ORI ARSI, IR BT A AT A
AL 3 AR 5 1AL, X
JE— NI REER , LLF AR D AU T Y
SERETN B B A T i A R L s A O |
SN A EAE A R T AL S 2 AR RO
Wit s ) A E AR R 1A 5 O R JR IR IR,
REIRBERS S OC T A C A AR 2518, LASE A 3 4
AT 5 5 3R LA R X SE A5 I T PR
FeAl Joves AT ahi TRl , SR 18 I e A S AT s AL
PLHPRARAT A o X 88 SRR 2 R s B2 R
DU IR BB AR R I9AT o Vb @B p 3
RERRERLIU H 1% o, i IR iz s | BIR,
IS AT AR R AL LU ) 2471 AT IRRT, Je
TP RS ) AR A BEE

it DA _E e A b G/ IVBURT U HY TR0
AR B BE AT LA 3 S BREAR A - IR LUK
AT (B 9)M, B, 24 A& R) AT BE 1A
R MR BRI HORE A SRR e i
5 B R] LB A9, RN HREL T 2 i R U
LR R A AT HERE A7 S AT U] Al i Y
R AR A, FEX AN R B BRI AT LUK 3RS
P s SR AC . . B R RN 3 ol — >R
TTH 5 BRUAR B, LN RN , T ST IC L A5
SAEBE PRI, 3R RERRE T R B R BE
IR R E N R o B REMRAYICIZ AT LIS LA
AL, o A A RS2 . i, 7
X BEA R, D S AR S A AL, 1 T X
REMRH PR BTSSR R RICR* . KRIiE
L H T I AR AR S B . B REIRAT B, AR
15N RRVALEE 32 S8 B A TR NVl 1) 1 ez S TR VA8
fan, ferRAR v G /ME R R IC IR REIR
B PR TR, KA 2D Lt . 7E fE
PR 9 F A R b, FIERIRE 9 58 B2 G B, 2 Ik
RIS S AGCAZ AT Sl ORI S 25 1
itz IF AT AR AR SGEZ . X TR RE
RENCIZE A S B J7 SO A SR TE S 77

Lt -
K9 T LLM BH REIR A HE S HESE

fitt LUS 5 58 B b Op B2 1 U D ST 3HAR Vb & /N
BRGSO B B — 25212
R A SOARREIR . EAMB AT LR ot 2 26
() 25 A AL M L X FC A2 S A B N R 3 ELE A
R, B RE A TR SRR T X T Ak B 1 A B
LT R R, 3 S LR R AR e T,
T AR AT B AT 55 o i A D R T
B PATAE 55 0 B AR ok F R B RS AZ Y
AN W7 S L I IR A LA A T B A, B 58 AT
%o BRI B LT A A8, &
B RESE I R B AN IR B B 2B ME A
R Re AR Y RN 23 [H] NSl SCAR Y e B 2R =3 ],
HAP 45 SCA A G il SR AT 2 R
B, KRR R R BRI R 48 1T 4 M SR A Ak
PR RME R . B REIR SRR R8I A &
(FIIRFNRE ST , 456 T HAAT & M S VR I3 i
IREE, g A SCA SR ECEAAR AT B Il
TEL DU b e )37 PR AR AR DT AR Bt S i, el

FEF AR ()55 BEAARAIE T 1E AT 11 3 B B
R TEASK , H 3 0 3 5] AR R 2 K
Ko —MREFITEANBAL, U generative agent .,
RecAgent ISR REAR T ReAR Z 8], DA KA U
B Z M E B Mgkl . o) —Fh R i R e AL 55,
ARG TF R BAT AN BT AR EOE B B A A

b  aOd
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Ghost [DESP 23k B . AutoGPT* & —A~432 %
HERFFIEIE , BAEL AR E 2 A EERALR
4, 5T GPT-4 3K 3, B8 A 58 i P i e i B r,
W4 5 A BT IS 3 329 RS 3 )l 4
AR Y TR RRARTE AT 44T 55 P A TR ST
T EAT — 2 BB AR, (ELR B R U, AT BEAR I 5T
XA IO A1 2 1S B B e VR
2.3 KRIEREBFARBATFH

H e F A IS BRIk, How SUBTE R A&
J& 3l H R UL, ST AA N — e TR A
BT 2S 1) CRERE A IR AR R0 A s ), R — A
G TR NSRBI R oo RS, FEoT
T, FHPRT RSB AT R — IR i 40
T AN AR A SR AR AT R I
TR EEAR

HRAE 2023 4 6 H KA L Ju e i 7 OG5
FARI AT 875 %2 (2023—20254F) ), iR AL AR
5 Web3 B A SEHE T 70517 SR JR 1 2 K =Ty
W FEUUR SRS T 1A, 2023 4F 6 H, SRR F
I R L AR A R AR Sk 2% 4% Vision Pro, #R
AT A fe 42230 A 4R 1 58 FAR T IR X Hh AR 56 1 40
BE, G A SSIA LE P R R R LR A A8 B
RIS TR T — o A B R A 0 Ay HE T 5 IK e
MetaStack (1 10)™, 5 75 R Bk % 7 $ B Pk 44 1
JCFHT- 5 FA . T, BO T AT 25 BR
JH P RAEITIR B S NSRS HES TR SR
B ORI B IR SS R SR G R T A
BHE TGN

- 0
N meranmeac ]
(o= T

-

P10 7 Ay HE DT 1 IEJEE MetaStack 1 L 7% HuIi H

JUTH e — R i M DA S i B S AR
KU SF Z P EORBIME S . AR BLAY RE T 0200

T AR R AEARTA , I A A R AR ] LA i
(I HERL Y B ASHBEA H Bhike: . bkt rah %
WsR I T ORBERIE R B2, 45 o T SE IR
AR, HE T ATRAE M S RlA A EOR B2, BFFEN
TR REAE LN 25 (AIGC) B N AR 1l 5 3R sl AR
J& T H A R ) AL FE R N TR e FH A Al
BEAY 2RSS I ) A N AT A SRR Fy e
TRSA B RCR TR 8 WA E AR R |
SR U B AT A R0 IR R S B
(1) e i EL AL | [ Bh A0 SRR BN R, RO
PRI R G R I E R — ey
B ANB R RS . TEUUE RS )y T, KA
RIFARJE AN IC T A S rh B — 20, TE
BT AR R T . — 5 s UK
(IA RN FN A HLRE T, KA S5 Hh g S A A
PO TR ARAT BB R T, P RS A R U
T B rb AT T S A A A B iR AR AR RN T
V5 5 — 07T, DARASEAL g vhoC B 1 AT 3R 2 i 42
AN CEREIR) & g | 37 ) Fn B Fe sk Ak i fg
77,4 B TAE R 0L S s e s Rl 22 B K
PLKCH [ SR B TR S AR SR

TG T A FE I F AR 2238 w4 Sy 6 1 32
BEJ7 1T B X HeEE R (blockchain) 38 H.4L AR (in-
teractivity ) . L T IE XK AR (game) N TR REFL AR
(AD) 248 K iz B H AR (network ) 716 X 7 K (in-
ternet of things) , iX 6 K ¢ A 1Y Je SC 1 5 B 41 A%
“BIGANT” , 8 FRAE DG T2 1 “ RIS WL o AT A 455
TR B3 — 205838 A T N TR IERER (ar-
tificial emotion) , JF4EH T “A BIGANT” (1970 51 WF
TR (EI1D) o Ak oe T & —F LA TR
RV 25 ki SR Rl P EL K O 7 FH R 25 T3, S AT

n.‘foﬁ%

A8

E11 JUFi ORI R A BIGANT”

&) ATmsesA (A

%) EHgsrABlockchain)

.!‘23 LE#HA(Interactivity)

’E)‘ R REAR(Game)

£5) ATimRA(Artificial Emotion) ypxet®
%) messR(Network)

& PR (Internet of Things)

~
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MR RS, JF B v P 3EAT N2 A A
Fgit o WA N BOGIRA Lo T, i, 7
JLFH R, AR A N T R LA 15 g
LR B AR ) R AN S8 38 (9, 0T T30 1 55 )
FHP AR AR, A R R 0 B RE BT
A AT RE ) BUAR ™ LAY )R, 4 455 A B P A2
I L.

TEX R B ZRS , o0 BV ke S A 2R
(R HE S ARER T E BRI AR . JTFH 9 2L
AR FE A 3 TN SAT R R T ik
ARk, JFRE T JCBR B AT BETE A B8 25 ], 1k
AMLREB AR I 15 58 2 B B S A4 AE i HAEHR
RHENE W M 2B MRS . HoCFH it —2
T JERIE AL B S ) — AR Ry R SR A 4 H
Pro TS o PRI R B AL S — o A Y
R FR, PR BERE AR 22N HERE P A 2R - AIE RS
(i) 3] 671 5 [, P2 A ) Fg Bk ) 248 38 5 DA 52 5[] 31
23 [, AUy B 5 5 R S A O A Rl 5 AL
SEP B e S PR BRI - SR R S H s LA
SRNBI A, PR 55 ph STk AN T REUK ) 4 24U
NRBYE S, QP 12 froR g i 5 i e 22 it
FERA A A TP B TP R A A TUR
5, o AR A2 B ) B VAR AR
PEE ST RE T RTGEIE . TR A Z4E S, LSk
55 AU I 18] 5 45 8] P 35 BT 1 SRR AR A A
B, B Y — S JCRR ) I A FE AT REE BB T -

B -
'\:‘"---:7( =8 %
I EPAA ) AT
A ";i;r:f;r#mi&. ic%;a:“
C-) R ARy HIL, AR (
BEA ez

MREGS B by “ - - A
FAR” R A S R

BI12 SR AR R T T e A 1

3 AIGC Xk it

3.1 HFEREMEBEARP

TEAE Rz R A [RI B, ATHZ AR
(1) e RA T 528 RS 22 4 B RE R R LR A AR A
ML G M B ZE M, 78 2023 4E 3 H 20 H &4
ChatGPT ¥l it 88 4k 2 J5 , BRI R AL MRS PG
AN ChatGPT ¥ AR i Ab BEAS A BSRAECH , B
HAEB KRR ZFFRE 1T 7E AT & R
(I S0, X e B AR B AD 5 22 A R b Bk

e A Tt 5 JRURS: 19 7 A= 5 22 T T R DR 3R R G
FEBE 7T, RABA AR A O 2 36 T R B 1)
SES RMER, AEWCEE A EE AT MU R B e B
B R M e s S NBURE S By
G ARl sk (IR B A . X E BAEBIALY
SRay I R S AT AR AR v AR s
PRI AE Z I BN 7 A AN 8 B A B A i
o S IF R S R B EE T 44 AL R DR AP
T (I T X VA o 1 A A L A0 DA 5 4 ok B
G DS ON NSNS O W i N s
B W55 AR B AL R 0 XU o Mo
KGR THRASE A R SRS 175 B T
ZHURAE B . I 38 B ) T AR A 7 2,
A AT RE R & AR Y B I Bl , 1 T AR O
HR A BRRAE B o XA XU 7E A 4 TR ) S5 AR S,
TR g 38 a2 I B A A R AR
P, FEOH P BT U Bt R .

X AR IR 1 B RD XU , 72 KA R 458 A &
S )37 FH By B0 g ol 422 it ) 5 >R FH B RA DR AP LA
LVECHE T8 B B 44 Ak B I 4 ds I
FARALFE NG 1k 22 B8 b B 7 i 3 0 B e R LR
S5, 50 o B BB s | S B 54 v i
TRUB 3o XA 1k B QB T, 7R AR ik
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Review on hot topics of large generative Al models

DENG Jiawen, REN Fuji’
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Abstract In 2023 the development of large generative Al models achieved a series of breakthroughs. This paper reviews the
key technologies of large models that have received significant attention, including the emergent abilities of large language model
(LLM), development of multimodal LLMs, as well as alignment and knowledge enhancement techniques of large models. The
paper also introduces the vertical applications of generative Al in various fields such as healthcare and education, and its role in
advancing the development of Al agents and metaverse technologies. Additionally, the challenges and developmental trends in
generative Al are discussed, including issues related to data privacy, biased values, copyright disputes, and fake news
propagation.
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