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Yeah i would’ve handled that FRH)I 25
Fiil | much different knowing what i
Sl know today \ o
b ARSI
My stepfather died three years / s e
N ago so my mom’s alive we have BRI > {ﬁ:{%/mjﬁlg
a good relationship she’s like

Wit TR B 2 2] SRR Y e, Sl iR A S TV
W SCAS Hh ) TR Bl T R A T 1) e SRR WIS RO A
Wil o H AT T SO 23 A58 (1) LR A AR
1% £ 4% OneHot 4 % . 5C 8 1] AL # (TF-IDF. Text-
Rank %), U5 (LSA, LDA, LDA2Vec %5 ) | i)
# A (BERT Embedding) %, 2016 4F, Williamson 2™
M DAIC-WOZ a4 i) SCAS 43 IR T i LN E
FROEANTE BT SCHRE . 18 LN A HRIEH GloVe 1]
A AR R IR ) B 8- 2 ) RS e T A, 3
353 B (PCA) FNZE A 1 5353 1 (ZCA) 47 # it

88

K5 AR TR A S i et ]

gt i, 3 SRR ) [EE (SVR) BT R ] 1 il
PHQ-9 /M HGHATEIH . 3 R SCRHIE A SCA H 4
BUWAR, J3Z L JRIT FTA R 4 D845, T 4 D845
AR, 455 SR, DAIC-WOZ 3 S A% SC 336
P2 1138 3 9 R F1E K B 75%, 1012835 40 1) fe K
F1 {HiA%] 62%. 2022 4, Amanat 25558 i P i
03 5343 B A Twitter $0AR SCAS BOds 4 w45 UK
i, #F—5 i} RNN-LSTM BRI $EATF, 10 758
G UE ) 25 S R AR R SR E] 99.44% 1Y R U FI
99.7% MFE 5 FE . 2022 4F, Uddin 45 A & 27 1.0 B
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2 RIE SCHYAMARAEARAE A FFAE, SR LSTM 311
AT, TEIR LA JEAE LM A7 42 FH P ) SCAS B8
YR 2 DB E 3 IR R 98% . 99% 1T
IR R TR TR (XAD XML > MR
ST TR, 2023 4F, Yadav SR — LT
FEE VIR SUAREE S AR RSO %, 456 7 AR
5 5 B AR T TG 500 (BGRU) A T4 iR
TR 00 AR A 45, 12057 T DA s iU 0 oA
IR, F1AHIAS] 92%.
25 SIESHERERAE

THEALH B AR LS | 15 7 AL SRR
EZ U RAR I ZEA I, TR AL . A SRR S AL
PR TR A PR AU G ) TR FH ) COX T 45k
YA, (B PR — B E N 2 LR 8 115
B, TELGRE 2T ZMEENE AN, LISE
TEBAHOC Z AEFR FRAFIE Z 0] A UE B R G, 28
BHAZ I Z R R 15 B LA G 442 0 2 A <
YIS 2k, T3z AR R E O S 40T, 7 Sk 243
Birh, 2S8R TRAOC T YN 2 0 T E R, X
TR 10 52 2 R RS [7) 4 B A AR S A A
JI3CHE, S SRS I AR Y A At 2

Z BRI LG T IBOR B A [ 2S 5000E 10 15
B, B E B W 2B RHIERAE, DAEE SR A
BRE . (R, FEOE 0 A RS AT B TR A YA

2o FHTHBCH WAL S T A A FREBHES,

955 S 25 T 7 WL ORI 4% A4 I UH — 1K (CBN) 7%
Hovp, FRAFPFE2 2 —F ] o B RRIE DF 307 =X,
K B A RIS B RRAE 1) 2 2R A7 P SOm AL, PHE e
B Rl A AT i) i AR 22 4% . BE AL T B I LRI
0 38 e A AR i) A 9 R L, X RS AR AR A T
JNECELA . CBN Wi i 7E L I3 — Ak sh 5] A& S
ZAEAR B, SR SR AT R X AN [R5 5 114 355 7 i
Bl N T8 REARBE 2 ) B ARk, o H B
B HRRIE AL BEAR AN IR & 2, I JLAR R 248538
B HEAT I AB RN BB SE A7 B TR B 2 5T Y
Kl MIdEs A 2B EE, BENS T AT b T R
B I, R A U I AE TR ) v N s
2019 4F, Wang 25804 T IR BRIz 3, 1012 A
JRUAS AR AE T 2647 0 A FH T2 W AR (e 1), 208 2 A5
RIS 10 )y SR BAR R RRAE, 35 BB ARLZ AL RUR
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PEECEER . T L 0 FE SRR AR R A4 e
N % i (PTSD) FIAMABRE IR A 40 25, e T 2
Ffe e AN REAE S S bR . Ab B | 2522 . Frse
R BHEE S AR DRI S AT
AE FT NN T RE L 22 57, 45 TR /R 6 T AR RN 55 0
HIbRICBENERA X 7 PTSD IRZ, F1 {E453510 0.83. 0.8,
2022 4F, Liu 5Nl o RES SETEHRITE. H=
VIR | B A B SCAS UL 17 B AR S5 AT 55 Bsf 4 403
A, S o) H B AT i 0 A R AE, R VGG-
Face. ResNet50. VGG16 Fil DenseNet [ #4515 £ A [F]
RS B RHE ] 2, Sl 2o T IE PR 0T (GRU) 43 il
JEATES ARG, TR E U REAS | A
FIEPEFE A RMSE 435124 10.59. 10.64 1 10.13,
2023 4F, Fang S5 1 T —Fp AT 220 2 L
[ Z S RSB, 55— B Bl it 2 4> LSTM Al—A4~
XL a] LSTM(Bi—LSTM) 3 il $2 UG . & 430 SCA R
fiE, 55 B Bl o v R Rl 2 R RS 2 ) 1 22
FEEFUE AMAESET TN AR 5, 76 DAIC-WOZ % #i4E
528 T RMSE #ixfl .
26 HiRSHIERERE

ARz 8l . IS5 S5 P bn o e B A% FH A
WU o AR AR 28 3 A0 25 F038 Bl 4 J 1 2 IR (E
R, Wang 55Ul 11 25 5 1025 S BRSO 47 48
Bl KA HIZ 8 224D MR AU AT R A ) A SRR
BEATIARR S . AR AEAUHE Kinect SRAERY 25 AN ek 4
TE x, y, z Jl OS8R L A2 | e B R0 8 45 o Jal
TIE, DA B 28 0ok L v 2R o A5 28] () ATIARRAE . AR
JRA FRAEIEAT 10 Pro8 SUIGHF, /0 R R | Fe 5 8
HAUC 4351355 0.94, 0.91 F1 0.93, £ XHMARHE
() i HL A 25 5, TR 2% 2] ik, J & CNN AN
LSTM, #) 72 W FH FHefE S EC . AR IR 51 2 SR F
AL 45, 2020 4, Zhang 5 T — LT B
785 10 R A P ISE 43 S i T e 0 45 2k, LA 2% R LA 2
[F1] PR OGP R R S 5 F NS A R AR A o X AN [) i
FL AT B AN [ i DX R A T e 93BT, 445 5 2 BH R I i
A LR AE B A AT L S L TOURR KRN A B ) R
X, H. theta 457 22 Hh o X S8 (- Y e AR K B L R
JE R BV B AT IO DX I A 4 s A R0 B 5 P AR AE
1) PHQ—9 P4 HHOC, Feim SRk 93.31%,
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FEbn . M ETRIEARY, 25 SR X R AER, RSB ES
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PP A A ABRE AR SAMARRERE, B R 40915
UK o B GEIN i T H AT RE 52 ) B2 A 32 WL I A A
H HIIAAB 0, FUERERE AL . BEE LA
o7 ) SRR B A JE, THSELA B A J7 SO ARAE IR

www.kjdb.org


http://www.kjdb.org

W5

B SR 2025,43(14)

AL PR AE TR T 5 . BT L TR SRS
RS AE, B RE NS A RO AR AT IR AT 70 20y
G, PR TR PR HERR ARSI R . HET
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Advanced research progress in computer—aided depression detection
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Abstract Major depressive disorder is a prevalent psychological disorder, and screening is currently based on depression diagnostic
scales and physician interviews. Based on artificial intelligence technology, computer—aided depression detection is an emerging approach
to depression screening. Aiming at the current status and shortcomings of traditional measurement tools, this paper reviews current
computer—aided depression detection methods, discusses the current research status of depression detection datasets and depression
detection methods based on multimodal data such as facial pictures, speech, and text, and summarizes and outlooks the advantages and
challenges of computer—aided depression detection. Computer—aided depression detection can provide a relatively simple and
standardized screening method with the potential to synergize with the widely used scale screening and physician diagnosis, but still faces
the challenges of the insufficient interpretation of model parameters and features, the Chinese dataset to be expanded, and the small
sample size of the existing dataset. In the future, researchers need to further improve the sample size and model accuracy of depression
detection datasets, conduct theoretical and experimental analyses of feature extraction and model construction, and promote the clinical
application of computer—aided depression detection.
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