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Table 4  Error comparison of forecast models
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Forecast models for commercial street pedestrian traffic flow data
based on intelligent video analysis
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Abstract The sampling, the preprocessing, and the modeling for the commercial street pedestrian traffic flow data based on the
intelligent video analysis are presented in this paper. The Xidan mall is taken as an example, the by—date grouping—style vertical
time series are established, consisting of multi surveillance points and different points—in—time. The modeling and forecast
results show that all vertical time series are stationary and of non—white noise with similar ARMA expression formulas, which
can be well applied to the forecast of pedestrian traffic flow data.
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