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Fig. 1 Robot is developing towards the direction of

human—machine fusion
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Fig. 2 ASI in the diagnosis of pneumonia
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Fig. 3 Capturing subtle cardiac motions by

multiple wearable motion sensors

5 HWHEHBFEA

USRI K3 B B o 165 WA /NI R E A KB £ K PN
YRR & . 2017 4F A/l N EALER A Atlas £
20T LA T 5E 5 10 5 25 B, 17 2018 42 MR R T4 A
I ) S TS R T . 7R W] 2018 4B A AR A
W Atlas FTLABE 122 09°F- & K 50 AT IR 21 42
W FE BB B SO E.O A, BEAh, Atlas 2018
SRR TT DUE B AERLRE AT SR S iER T
LR NAE AT A S R R SRR
J1o #UE HAT, Atlas B£8R LSS SR AL R 461, Bk
IEBERFY , 5 N0 TV Bl AR Ay 25 45 v
F5oR ([ 4)=,

K4 Petish i ml Adas Plas A=
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Review of hot topics on artificial intelligence in 2018
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Abstract Artificial intelligence is being widely used in many fields. In 2018, nearly all sub—disciplines of artificial intelligence gained a

series of progress. This paper selects the sub— disciplines such as human— machine fusion intelligence, swarm intelligence, cognitive

computing, affective computing, intelligent robot, smart city, and medical treatment with artificial intelligence, so as to review the hot topics

of artificial intelligence in 2018.
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