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Fig. 1  Overview of main methods of data mining
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Best Training Performance is 0.089613 at epoch 7
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Fig. 2 Neural network training performance
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Fig. 3 Example of a laser confocal microscope

photomicrograph for detecting biofilm thickness
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Fig. 4 Actual and observed values of biofilm thickness

and biofilm viability
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Applications research of data mining technology in big data era

LIU Ming, LU Dan, AN Yongcan

School of Mathematics and Statistics, Changchun University of Technology, Changchun 130012, China

Abstract 1In the era of big data, data mining technology has received more and more attention. This paper introduces the research
background and status of data mining technology, followed by detailed description of its relevant algorithms such as decision tree, support
vector machine, neural networks in detail. It then analyzes the data mining related applications and future development trend. Finally, it
summarizes the challenges data mining technology will be faced with in the era of big data.
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(DTt X))



