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(a) Oculus Rift (b) Google Glass (¢) Microsoft Hololens
P13 Ff AL SR it RS s B
Fig. 1 Three display devices of virtual reality and augmented reality
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Fig. 2 Data extraction from the calibration board
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Fig. 4 Laser sensor and its application effect
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Fig. 7 Parallax diagram in head display device
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Vision—-based virtual reality and augmented reality fusion technology

NING Ruixin, ZHU Zunjie, SHAO Biyao, GONG Bingjian, YAN Chenggang

Laboratory of Intelligent Information Processing, College of Automation, Hangzhou Dianzi University, Hangzhou 310018, China

Abstract Visual-based virtual reality and augmented reality have their own developments, but the fusion development trend of the two is

unavoidable in the future. SLAM (simultaneous localization ad mapping) is a major component of the application of virtual reality and

augmented reality, but there are still many challenging issues in terms of robustness. This paper proposes a vision—based virtual reality and

augmented reality fusion technology, which can analyze and solve the problems such as device selection, tracking, motion interference, and

plane recognition in the 3D scene reconstruction process. Finally, the challenging issues in SLAM are discussed.
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