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Fig. 1 Flow chart of ship target detection algorithm
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Fig. 2 Flow chart of ship target detection algorithm based on sparse representation
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Fig. 3 Flow chart of ship target detection algorithm based on deep learning
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A review of ship detection and recognition based on optical remote

sensing image

CHEN Liang', WANG Zhiru', HAN Zhong', WANG Guanqun', ZHOU Haotian', SHI Hao'”,

HU Cheng', LONG Teng'

1. Beijing Key Laboratory of Embedded Real-time Information Processing Technology; Lab of Radar Research, Schoool of

Information and Electronics, Beijing Institute of Technology, Beijing 100081, China
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Abstract Ship detection based on optical remote sense images is an important application direction in the marine information perception.

Its primary tasks include the fast detection of ship targets in a large view field and the further extraction and classification of the targets

based on the ship detection. It is of great significance both in civilian and military applications. This paper reviews the main achievements

in that field, focusing on the difficulties involved. Finally, the existing problems and the future development are discussed.

Keywords remote sensing image; ship detection; target recognition; feature extraction; deep learning
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